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 ABSTRACT 
Transfer research has evolved to a significant body of works during the last two decades. Many 
relationships, however, remain unexplored and unexplained. Among these are dispositional 
characteristics, which are rarely studied in combination with transfer because of difficulties and 
inconsistencies in measurement. In addition, dispositional characteristics are so numerous that it is 
often difficult to identify a set of such variables that explain the most variance in transfer of training. 
This study explores the hypothesized relationship between dimensions of the Five Factor model of 
personality, goal orientation, self-efficacy, and intent to transfer training on the job. Most research 
articles on the topic focus on a variety of factors influencing transfer. This study attempts to model the 
complex relationship between these characteristics and intent to transfer using structural equation 
modeling approach. A set of propositions is presented for each individual variable and its relationship 
to intent to transfer. Finally, a model of relationships is tested and the results are discussed. The 
findings revealed that conscientiousness was the only dispositional variable that had a significant 
relationship to intent to transfer. In addition, control variables, learner readiness and motivation to 
transfer, were significant in the model. The results suggest that dispositions may not be as important in 
the transfer system as other constructs like situational, motivational, and ability variables. 
Recommendations for further research and testing of the model are discussed in the final chapter of the 
study. 
 
 
CHAPTER 1 
INTRODUCTION 
 Training transfer is defined as the degree to which trainees apply on their jobs the knowledge, 
skills, behaviors, and attitudes they learned in training (Baldwin& Ford, 1988). Measurement of 
training transfer is one of the most underemphasized practices in training today. Despite the existence 
of research publications that stress the evaluation of how much trainees use training on the jobs, 
practitioners are reluctant to take that extra step to measure it because it is often time-consuming and 
results in more expenditure on training. However, with the high costs associated with training 
programs, organizations can not afford not to measure transfer, since it is one the only real indicator of 
training success. The annual corporate expenditures on training in the US were estimated at around $60 
billion in a recent Training Magazine Survey. Clearly, with such investments the pressure to show a 
return on investment must be there. To accurately estimate the ROI one must examine how much 
knowledge and skills trainees actually transfer to the job.  
Transfer of training is influenced by a large number of factors. Burke and Hutchins (2007) 
review all factors that exert influence on transfer of training. Among these are some that are well 
known and researched – training design, supervisor and peer support, utility, content relevance, and 
transfer climate (e.g. Bates, 2003; Axtell et al., 1997; Ruona et al., 2002; Kontoghiorghes, 2002; 
Clarke, 2002; Chiaburu & Marinova, 2005). All these factors are important and even critical for 
training transfer. However, some factors are not getting the attention they deserve from researchers. 
For instance, dispositional characteristics are rarely examined in their importance in transfer process. 
Dispositional characteristics of an individual are one’s personal differences and traits. Traits usually 
stand alone because they are considered to be more stable than some other individual differences like 
goal-related constructs, self-esteem, self-efficacy, values, and attitudes. 
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 Various models have been proposed and tested in an attempt to identify an optimal set of 
influences that predetermine the transfer of knowledge on the job. Some focused on a few factors of 
different nature, including personal differences and organizational environment (Chiaburu & 
Marinova, 2005). Some models are so broad and all encompassing that they factor in virtually every 
possible construct that could impact transfer (Holton, 1996). For instance, Holton’s model (1996) was 
designed to examine the whole system of influences on transfer of training (see Figure 1).   
 
Figure 1. HRD Evaluation Research and Measurement Model from Holton (1996) 
The influences are divided into primary and secondary according to their importance and role 
in the process. The overall model is referred to as transfer system and the significance of each factor in 
the transfer system should not be underestimated. Ultimately any of the factors can hinder transfer and 
reduce the effectiveness of a training program. It is therefore critical to avoid examining a specific 
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factor in the transfer system in isolation. Instead one should recognize and examine all possible 
relationships and interactions between various variables at play. Unfortunately, some relationships still 
remain fairly unexamined in HRD literature. These relationships may be critical to organizational 
performance outcomes and training transfer specifically.   
 In his transfer system model, Holton (1996) links dispositional differences as secondary 
influences on transfer through training motivation. The research on dispositional characteristics, even 
though fairly abundant, is inconsistent in findings and the specification of variables. For instance, 
dispositional characteristics are rarely examined entirely in its relation to transfer. This is a serious 
oversight since personality and depositional characteristics research has produced very interesting and 
significant findings in terms of influences and relationships to organizational behavior.  
Dispositional Characteristics and Organizational Research 
 The research on dispositional characteristics and organizational performance has been most 
prolific and optimistic in the last 25 years.  The increased attention to this area has shown that it is 
important to consider dispositional characteristics in organizations because these characteristics may 
affect life and work of an employee as a part of organization. Hogan (2000) states that the most 
important claim of personality psychology is that there are structures inside people that determine their 
behavior. These structures often are manifested in personal traits and individual differences.  
As we embark onto the discussion of dispositional variables in organizational research it is 
important to keep in mind the distinction between personality research, which focuses largely on traits, 
and research focused on other individual differences. All this work can be comprised under the 
umbrella of dispositional characteristics.   
The definition of personality research can be traced back to the work of Allport and Eysenck. 
Allport (1937) suggested that personality is the dynamic organization within the individual of those 
 3
psychophysical systems that determine one’s unique adjustment to the environment. Realizing the 
importance of personal differences and understanding their effect on interpersonal relationships within 
organizations, performance, and counterproductive behavior may help achieve a better match of a 
person and an organization. Pre-employment tests have already been initiated in many companies in 
order to ensure the fit between a recruit and the position. Parnell (1998) describes such tests for 
managers and points out that analyzing personality traits of potential employees may save a lot of 
money on hiring and termination processes.  
Personality testing really gained its position in the 1980s and since then two schools of thought 
developed. One school suggested that dispositional characteristics are associated with success in most 
occupations and should be considered along with skills and experience. Parnell (1998) describes how 
proponents surmised that skills required for the job may change over time and only individuals well 
suited for the job will change and adapt. This assumption, therefore, suggests that individual 
differences in the workplace play a major role in job success and performance.  
The other school of thought called “anti-testing” surmised that only job behaviors are important 
and assessing personality may result in “cloning” in organizations where people will end up thinking in 
similar patters. This view also supported a growing concern for “faking”, which means that personality 
tests are biased and can be easily manipulated by participants (Parnell, 1998). The faking issue has 
been pertinently addressed by Freud, who once said: the “you” that you know is hardly worth knowing 
- because you made it all up (Hogan, 2005).  Hogan (2005) also addressed the concern of faking: 
“Many people, when trying to “enhance” their scores, actually “degrade” them. Second, 
when we evaluate a person for hiring purposes, we look at a profile, not a score on a single 
scale. Very few people know what the profile for a particular job is, and virtually no one can 
fake an entire profile. Third, although some people can, in principle, alter their scores, it is not 
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clear that job applicants try to do this, or that it makes any difference. In perhaps the best single 
study of this topic, Smith and Ellington (2002) showed that response distortion has little impact 
on the construct validity of personality measures used in selection contexts. But finally, what 
does it mean to fake on a personality measure, or to fake in everyday life? Does it mean to act 
in a way that is different from the real you? Recall Freud’s view that you made up the “you” 
that you know, so that the real you is very hard, if not impossible, to define.” (p. 337)    
The support for anti-testing view has declined as most of the recent empirical research points to 
the importance of personality testing (Parnell, 1998). For instance, Quaker Chemical examined high 
and low performers in the organization and found the differences between them to be anchored to 
personal characteristics.  
 Arsenault and Dolan (1983) suggested that misfit between the individual characteristics and 
work demands can result in stress because of the assumed relationship between dispositional 
characteristics and job environment. This contention is supported by other researchers, who suggest the 
importance of finding the perfect fit between the organization and personality (e.g., Schneider & 
Smith, 2004; Downey, Hellriegel, & Slocum, 1975; Pervin, 1968; Lewin, 1935). In fact, the 
relationship is established not only between personality and organization (P-O) but also between 
personality and environment (P-E). This view is called interactionism. Hogan, Hogan and Roberts 
(1996) argued that humans are social animals and social interactions are the most basic manifestations 
of personality. Allport, who is considered to be the father of dispositional perspective, or the 
perspective that emphasizes the importance and consistency of personality traits, suggested that 
personality traits determine unique adjustment of the individual to his environment. Even Lewin’s 
(1935) famous field theory suggested that human behavior is the function of both person and the 
environment (B=f (P, E)). Magnussen (1976) theorized that individual behavior is determined by an 
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ongoing feedback process between the person and the situation. Other researchers have suggested that 
when dispositional characteristics are compatible with the environment (job, team, social group) the 
individual will experience positive consequences, such as improved work attitudes, better performance, 
and reduced stress (Schneider & Smith, 2004; Downey et al., 1975; Pervin, 1968).  
Schneider’s (1987) Attraction –Selection –Attrition (ASA) model is based on the fact that 
people are attracted to organizations that fit their personalities and will leave organizations where the 
levels of the fit are low. Such propositions produced research that showed that organizations eventually 
reach a state of homogeneity where people are relatively similar (Schneider, Smith, & Taylor, 1998). 
Giberson, Resick, and Dickson (2003) studied the CEOs of 32 organizations and found that the 
agreeableness of the leader predicted group-oriented culture, leader emotional stability predicted 
developmental cultures, and leader extraversion predicted hierarchical cultures. Clearly, personality 
and dispositional characteristics can influence one’s behaviors and possibly the behaviors of others in 
the organizations.  
 Lending further support to the argument of the fit between dispositional characteristics and 
organizational behavior were the findings that A personality types performed best in organizations 
with high performance standards, ambiguity, and toughness (Burke & Deszca, 1982). Turban and 
Keon (1993) found that an individual selected the degree of centralization, size, and reward structure 
according to his/her self-esteem and need for achievement. Other researchers stipulated that locus of 
control and self-efficacy play an important role in person/organization fit (Schneider & Smith, 2004).  
 Schneider and Smith (2004) propose a rather simple explanation of organizational 
effectiveness. They postulate five aspects or components that define whether an organization is 
effective or not. The first aspect is concerned with recruiting or selecting and retaining the talent. The 
second aspect is motivation and how enthusiastic and filled with energy teams are. The third aspect is 
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leadership; the teams who are comprised of talented and motivated employees need a good leader and 
such teams will be more effective then those that do not have good leadership. The fourth aspect is 
strategy and the fifth aspect is a system that monitors how well the previous four components are 
achieved.  
The authors argue that dispositional characteristics are central to four of the five components 
listed above. When people talk about desirable employees they probably mean someone who is 
dependable, hardworking, persistent, dedicated, and exhibits initiative. The second aspect, motivation, 
is influenced to an extent by certain dispositional characteristics (Schnedier & Smith, 2006). In fact, a 
large part of the argument on how personality relates to performance is built around motivational 
theory and it will be discussed further on. Leadership effectiveness, which is the third component, is 
also built around dispositional characteristics, because leader effectiveness is often dependent on traits 
and personal characteristics a leader exhibits (Dubrin, 2004).  The fourth component – strategy - is not 
yet well understood by psychologists but it is certain that creative problem solving, tolerance for risk 
and ambiguity must be part of it. And many of these attributes can be traced back to the Five Factor 
Model of personality.  
The most important fact from all these studies is that people choose various settings in life and 
at work according to their traits. For instance, extraverted people will try to seek out parties and places 
where they could socialize with many people. On the other hand, introverted people will try to find 
places of solitude. People who are introverted and reserved may not be able to succeed in sales 
positions. According, to the study done by Barrick and Mount (1991) most people in sales score high 
on extraversion. Research on other personality dimensions showed that people who scored high on 
neuroticism were less attracted to innovative organizations (Judge & Cable, 1997).  
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 Overall, Schneider and Smith (2004) say that the distinction between organizational behavior 
and social behavior is artificial. Basically, what goes on at work formally goes on in life. Dispositional 
characteristics and social behavior are closely connected. “Every individual in life is concerned with 
two major things: to get along and to get ahead “(Schneider and Smith, 2004). Both are important in 
organizations as much as they are important in life. Therefore, dispositional characteristics are related 
to organizational behavior (Schneider & Smith, 2004).  
 In the contemporary business environment, fit between organization and personality is more 
important then ever. Schneider and Smith (2004) suggest that in the age of downsizing it is extremely 
important to be able to recruit and retain talented employees. Skills and cognitive ability are not the 
only aspects the organizations should consider. Dispositional characteristics are also important as they 
may improve individual performance if the right fit between organization and person is found; on the 
other hand, the same characteristics may cause counterproductive behaviors if the environment an 
individual has been placed in is not appropriate and does not match his/her personality. For instance, 
conscientiousness has been found to negatively relate to performance when the work involved 
creativity (Runco, 2004).  
Some researchers oppose the view that dispositional characteristics play such an important role 
and suggest that all correlations found were rather moderate. Research discussed above speaks to the 
contrary. Understanding the way dispositional characteristics affect behavior in organizations is 
important for employee selection, retention, training, organizational effectiveness, team effectiveness 
and leadership.  
Dispositional Characteristics and Transfer 
 Since dispositional differences are related to organizational behavior and training transfer is a 
desirable organizational behavior, it seems likely that dispositional characteristics are related to 
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success in transferring knowledge and skills from training to the job. Holton (1996) theorized that 
dispositional characteristics as secondary influences play an important part in the transfer system. 
Subsequent studies (Naquin & Holton, 2002; Chiaburu & Marinova, 2005) showed that some 
dispositional variables play a role in transfer related behaviors.  These studies have chosen to examine 
only a few dispositional variables, which were either relatively unstable individual characteristics (self-
efficacy) or were extracted from the Big Five taxonomy of traits. The next step in linking transfer and 
dispositions is examining a combination of dispositional variables in a theoretically logical system. 
Such examination may uncover a framework that could maximize the impact of individual differences 
on transfer behavior not only in terms of variance explained but also in its practical application. By the 
latter I mean the ability to identify those variables that practitioners can manipulate (self-efficacy, 
goals, attitudes, etc.) and by doing so bring out the best in individual ability to apply knowledge and 
skills to the job.  
The existing studies on transfer and dispositional variables often include other variables in the 
models that do not relate to dispositions. Some authors have built a few dispositional variables into 
comprehensive models of transfer, like self-efficacy and conscientiousness, but also included peer and 
supervisor support thus modeling the relationship of constructs unrelated to individual differences 
(Chiaburu & Marinova, 2005). But no study of training transfer has focused exclusively on 
dispositional influences on transfer. This is disappointing because examining dispositional influences 
on transfer may mean solving one significant piece of the transfer equation. In terms of HRD research 
this would become a significant addition to explanatory research on transfer and individual differences. 
The comprehensive modeling approach taken in this study could potentially specify the system of 
relationships and explain the nature, strength, and direction of relationship between many important 
dispositional variables and training transfer.  
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If the dispositional variables that facilitate transfer in some way could be determined, it might 
be easier to address factors related to training design and delivery, provide a way for a more accurate 
selection of candidates, and develop those favorable dispositional variables that are malleable. In the 
field, organizations often rely on personality-based instruments. Without having a clear picture of 
which dispositional variables matter most to transfer and training outcomes choosing an appropriate 
instrument is like finding one’s way in the dark hoping to stumble upon the right path. The findings of 
this study could not only provide valuable information to HRD research but also provide a guide or a 
roadmap to HRD practitioners in terms of what dispositional characteristics to look for in trainees. 
Therefore it is important to empirically examine the relationship of dispositional characteristics and 
training transfer. 
Problem Statement 
 The problem guiding this study is two-fold. First, there is little research that examines the 
dispositional characteristics and transfer relationship. In other words, it is not clearly determined which 
dispositional variables matter most. Most importantly, there is no comprehensive model that depicts all 
relevant dispositional characteristics that influence transfer behavior in organizations. There is also no 
model that explains the mechanism through which the behavior and transfer of training specifically are 
affected by dispositional variables. Barrick and Mount (2006) state that it is clear that dispositional 
variables matter and now researchers must move on to examining more important issues. One of these 
issues is the process through which personality and other dispositional variables affect behavior at 
work. 
 Second, the problem of training transfer is far from being solved. Some variables in the transfer 
system are relatively unexamined. Therefore, the information on what drives and improves transfer of 
training is incomplete. Dispositional characteristics are among such variables and this study aims to fill 
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the gap by examining relationships of various dispositional constructs and training transfer. This study 
therefore, is another step that may take transfer research closer to explaining transfer of training in its 
entirety.     
Purpose Statement 
 The purpose of this study is to test a hypothesized model of relationships between a set of 
dispositional variables and intent to transfer training on the job.  
  
Research Hypotheses 
The research hypotheses for this study will be developed and explained in chapter two as a part 
of the literature review.   
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CHAPTER 2 
REVIEW OF THE LITERATURE 
 The literature review in this chapter will be structured in the following manner: The first 
section will be devoted to the problem of transfer of training, and a critique of the research on the 
topic; the second section will cover the concepts of personality and dispositional differences; the third 
section will discuss the relationship of dispositional variables to behavior; finally the last section will 
review existing research on dispositional characteristics and transfer of training and focus on the 
hypothesized relationship between intent to transfer and dispositional characteristics.  
Transfer of Training 
 Baldwin and Ford (1988) conducted one of the most comprehensive reviews of the literature on 
transfer of training. The authors defined training transfer as the degree to which trainees apply on their 
jobs the knowledge, skills, behaviors, and attitudes they gained in training (Baldwin & Ford, 1988). 
Georgenson (1982) estimated the expenditures for training and development in American industry to 
be around $100 billion dollars. Only 10% of these expenditures actually resulted in a transfer from the 
training to the job. Indirect costs of on-the-job training combined with formal training costs range 
between $200 billion and $400 billion a year (Holton, Bates, Seyler, & Carvalho, 1997). More recent 
estimates put the direct training expenditures at more than $60 billion (Landy & Conte, 2004). This 
leaves human resource development professionals in the position of scrambling to prove the worth of 
their work and of the programs they sponsor (Fitz-Enz, 2002). 
 Transfer of training has been explained in terms of several different motivational theories. 
Yamnill and McLean (2001) discussed the transfer process in terms of equity theory, goal setting 
theory and expectancy theory. Equity theory (Vroom, 1964) suggests that employees want to be treated 
fairly and compare their treatment and circumstances to those of their coworkers. From this 
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perspective they may enroll in training because they seek to gain equity in pay, status, or other factors 
and, therefore, may be more motivated to transfer training on the job (Noe & Schmitt, 1986).  
 From the perspective of expectancy theory (Herzberg, Mausner, & Sniderman, 1959) 
individuals may believe that their effort will result in some sort of payoff (expectancy). Whether their 
expectations are met (instrumentality) and how valuable the reward for the effort is(valence) also plays 
a role in motivational process. For instance, if an employee knows that he/she will be promoted after 
participating in a certain program and will need the new knowledge and skills for the new position, 
he/she is more likely to be motivated to learn and be motivated to transfer. 
 Finally, Locke (1968) proposed that a particular behavior is driven by a goal or an aim of an 
individual. Such goals can possibly explain why certain individuals transfer better than others. 
Similarly, Schneider and Smith (2004) opined that motivation to behave in a certain manner may be 
partially influenced by dispositional variables. This statement is supported by Payne, Beaubien and 
Youngcourt (2006), who state that some dispositional variables may be responsible for the types of 
goals individuals choose. The types of goals set in turn influence how well and to what extent 
individuals transfer skills and knowledge on the job.   
 Lim and Morris (2006) point out that interaction exists among these theories when it comes to 
transfer. According to the authors, expectancy, goal setting, and equity influence personal motivation 
to transfer; at the same time motivation to learn and to transfer may influence goal setting and 
expectancy for transfer.  
 It is also important not to confuse these two types of motivation. At entering a training program 
an individual may be motivated to get the most out of the training program in terms of knowledge or 
new skills. However, one’s motivation to learn does not necessarily guarantee that an individual will 
transfer knowledge to the job or is motivated to do so. At the workplace, however, a number of factors 
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come into play that facilitate or inhibit the transfer. Motivation to transfer is defined as direction, 
intensity, and persistence of effort toward utilizing in a work setting skills and knowledge learned 
(Seyler, Holton, Bates, Burnett & Carvalho, 1998). 
The factors that affect transfer of training can be classified into three categories: trainee 
characteristics, training design, and work environment. Training design has been researched, probably, 
more than any other factors impacting transfer (Baldwin & Ford, 1988). Baldwin and Ford (1988) 
describe training design research as centered on four basic principles: identical elements, general 
principles, stimulus variability, and conditions of practice. Identical elements principle calls for 
identical stimulus and response elements in transfer settings. General principles indicate that a trainee 
should be taught not just applicable skills but also general rules and theoretical principles that underlie 
training concept. Stimulus variability is the notion that positive transfer is maximized when a variety of 
relevant training stimuli (e.g. different examples vs. one example) are employed. Finally, conditions of 
practice include feedback, massed or distributed training, overlearning, etc. (Baldwin & Ford, 1988).  
The authors give detailed descriptions of each of these principles. Essentially, research suggests that 
training tasks should be similar to transfer tasks or tasks the employees are asked to do at the job using 
new skills or knowledge (Goldstein & Musicante, 1986). Bates, Holton, and Seyler (1998) stipulate 
that training content has to be consistent with job requirements.  
 In their review, Baldwin and Ford (1988) stated that research on the work environment was 
limited at that time. Ten years later, Ford and Weissbein (1997) found that more effort had been 
devoted to a greater understanding and measurement of work environment in which the trainee was 
supposed to transfer the new knowledge and skills. There are essentially two key situations or 
environment types that a person works within the training environment and the transfer environment. 
The researchers suggest that trainee characteristics and transfer environment interact to impact the 
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application of the knowledge and skills brought to the job. Therefore, if the transfer environment is 
favorable and the trainee possesses the necessary characteristics he/she is likely to be more motivated 
to transfer training on the job. Noe (1986) linked environmental favorability to pretraining motivation 
and transfer of training skills. The environmental favorability is comprised of task constraints and 
perceived social support for training.  
Rouillier and Goldstein (1990) suggested that transfer climate is comprised of situational cues 
(reducing employee’s workload so new skills could be applied at work) and consequences (rewards, 
reinforcement). Baldwin and Ford (1988) described several sources of social support: top management, 
supervisor support, peer support, and subordinates support. Facteau, Dobbins, Russell, Ladd, and 
Kudisch (1995) provided empirical evidence for the positive relationship between pretraining 
motivation and perceived transfer of training. They have also determined the strong relationship 
between supervisor support and pretraining motivation. Peer support was not significantly related to 
pretraining motivation, and subordinates and top management support were negatively related. 
Brinkerhoff and Montesino (1995) found a significant relationship between management support and 
transfer of training. Therefore, one can argue that the favorability of the transfer climate is contingent 
on several factors: supervisor support, availability of resources to apply new knowledge and skill 
(time, tools, human resources, etc.), and a reward system in place with positive and negative 
reinforcement (sanctions, punishment).  
Baldwin and Ford (1988) describe the trainee characteristics factors in terms of ability, 
personality, and motivation. Personality differences have been discussed by many researchers outside 
the transfer literature in detail (e.g., Allport, 1937; Digman, 1990; Costa & McCrae, 1992). Some of 
the most influential and frequently cited works in the area of personality and job performance were 
performed by Barrick and Mount (1991, 1998, 2001). Their meta-analysis described the relationship 
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between personality represented by the Five Factor model and job performance criteria. According to 
Barrick and Mount (1991) one such criteria of job performance - training proficiency - is specifically 
affected by openness to experience, conscientiousness, and extraversion.  Other dispositional 
characteristics like locus of control (Kren, 1992), job involvement (Noe & Schmitt, 1986), and 
organizational commitment (Mathieu & Zajac, 1990) are said to affect training-related motivation. 
Self-efficacy as a social learning concept has been suggested to impact training transfer through 
confidence in the ability to perform trained tasks (Ford & Weissbein, 1997). Ford, Quinones, Sego, and 
Sorra (1992) determined that opportunities to perform trained tasks are differential and are in part 
determined by trainee’s self-efficacy and cognitive ability along with supervisor attitudes and 
workgroup support. However, all of these studies relate to training proficiency, not transfer. 
Naquin and Holton (2002) proposed a new construct named Motivation to Improve Work 
through Learning (MTIWL), which is similar to the concept of transfer and linked it to dispositional 
variables. The model tested showed that conscientiousness and agreeableness accounted for 53 percent 
of the variance in work commitment, which in turn accounted for 57 percent of the variance in 
MTIWL.  
All these factors in combination are represented in the Transfer System Model (Holton, 1996) 
presented in the first chapter (figure 1).  Each one of them is important and may account for 
differences in the rate of transfer. Some of these constructs however, haven’t been researched 
sufficiently. This oversight may be partially due to the lack of interest in some variables and partially 
due to the difficulty of measuring them. Transfer of training by itself is a variable that does not lend 
itself to easy operationalization. In organizational settings transfer measures are often subjective self-
reports or supervisor rating not based on specific numerical performance measures (Bates, Holton, 
Seyler, & Carvalho, 2000).  
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An alternative approach to studying transfer may lie in the theory of planned behavior. 
Individuals are likely to form an intention to behave in a certain way after training is completed. This 
intention will be based on past experiences with training programs, perceptions of the work 
environment, goals, personal differences, etc. Intent to transfer may be an effective approximation of 
training transfer measure without the measurement difficulties involved in measuring actual transfer of 
training. The following subsection will be devoted to an overview of the theory of planned behavior 
and how it may apply to transfer of training.    
Theory of Planned Behavior 
The theory of planned behavior is derived from the insightful work of Ajzen and Fishbein 
(1977) on the theory of reasoned action. Recently this theory has been expanded to predict behavioral 
goals. Intentions to perform the behaviors of various kinds can be predicted from attitudes to these 
behaviors and subjective norms. Intentions, in turn, correlate with actual well-observed actions (Ajzen 
and Driver, 1992). The theory of reasoned action required expansion because in cases where volitional 
control over action was limited, perceived behavioral control improved prediction of intentions and 
behavioral achievement. This expansion and addition of a new construct led to the development of the 
theory of planned behavior.  
 The theory of planned behavior is essentially based on three postulates. Attitude towards 
behavior gauges how favorable or unfavorable is one’s attitude towards a certain action or behavior. 
Attitudes about certain behaviors are formed from behavioral beliefs, which are consequences of 
previous experiences (Ajzen, 2002). Subjective norm- the second postulate- refers to perceived social 
pressure to perform or not to perform a certain action. The final postulate is the perceived behavioral 
control, which refers to perceived ease or difficulty of performing a behavior. This last factor is 
assumed to reflect past experience and anticipated impediments and obstacles associated with or based 
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on those experiences. The more positive the attitude to a behavior and the stronger the subjective 
norms and perceived behavioral control, the stronger an intention to engage in a behavior should be 
(Ajzen, 2002).  
 Intention is an immediate antecedent of an action or behavior. All things being equal the 
stronger the intention the more likely an individual is to engage in behavior and achieve their 
behavioral goals. The successful achievement of goals, however, also depends on non-motivational 
factors like time, money, etc., which are referred to as actual control factors. If the necessary resources 
are available and an individual intends to perform a certain behavior he/she should succeed in doing 
so. It is often presumed that the frequency with which a behavior has been performed in the past can be 
a good predictor of later action (Ajzen, 2002). If a certain behavior is performed frequently the 
response to it becomes almost automated, and individuals may engage in it almost subconsciously. 
Once attitudes and intentions are formed, they are assumed to be activated automatically and to guide 
behavior without the necessity of conscious supervision (Ajzen & Fishbein, 2000). 
If the behavior is new and unfamiliar, it may evoke careful deliberation and controlled 
production of beliefs, attitudes, and intentions that direct subsequent behavior. In contrast, routine 
behaviors are assumed to be performed spontaneously and to be guided by automatically activated 
attitudes and intentions (see Ajzen & Fishbein, 2000; Ajzen & Sexton, 1999). Such intentions 
therefore, are fairly accurate predictors of the actual behavior.   
In the case of training transfer, an individual’s intent to transfer knowledge from the training 
program onto the job may be one of the most accurate ways to gauge transfer of training. Even if the 
transfer behavior is a novel behavior, the individuals may have deliberated and produced beliefs about 
the transfer behavior by the time they go back to work and attempt to transfer. In other words, by the 
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end of the training program employees may have made the decision about the extent to which to apply 
the knowledge at work.  
 Intent to transfer is a relatively new concept. Despite the fact that intent was linked to some 
behaviors such as turnover and drug use (Ajzen, Timko & White, 1982; Price & Mueller, 1981; Doran, 
Stone, Brief & George, 1991), there is no research in which intent to transfer was used as a dependent 
variable. Dalton, Johnson, and Daily (1999) caution that the use of surrogate variables requires care 
and attention to the methodology. For instance, researchers are advised to examine the literature for 
correlation of the intent variable and the actual behavior. In this case, there is no such research. Given 
the novelty of the intent to transfer as a dependent variable, this study becomes an important step in 
explanatory research and a methodological contribution to existing transfer literature. 
 In this study the focus is on various dispositional characteristics and their influence on intent to 
transfer - a proximal variable to transfer of training. These characteristics can be divided into variables 
that will fall under the realm of personality traits, like those classified in the Five Factor Model, and 
other dispositional variables that are less stable than traits. Personality, clearly, is a very broad concept 
and it is important to delineate which specific facets of it play important role in the personality-transfer 
relationship. In order to differentiate between personality and other dispositional characteristics 
personality research specifically will be discussed in detail in the next section. 
Personality Dimensions and other Dispositional Characteristics 
 First of all it is important to define what personality is and what it isn’t. This is not an easy task. 
Allport (1937) rightfully called personality one of the most abstract words in the language. He 
catalogued about fifty distinct meanings of the word. The definition that he proposed was as follows: 
Personality is the dynamic organization within the individual of those psychophysical systems that 
determine his unique adjustment to the environment (Allport, 1937). Interestingly, in this definition 
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one can see the interactionist’s perspective - a perspective that emphasizes individual interaction with 
environment during which various behaviors are manifestations of personality. Adjustment to the 
environment is nothing else but the relationship between personality and society, personality and work, 
personality and learning environment, personality and organization.  
 A simpler definition was provided by Funder (as cited in Kreitner & Kinicki, 2001), who 
described personality as an individual’s characteristic patterns of thought, emotion, and behavior, 
together with psychological mechanisms behind those patterns. Schneider and Smith (2004) suggest 
viewing personality from two perspectives. First is from the perspective of the observer – how others 
see and perceive the person. Second perspective is that of the actor- how a person perceives 
him/herself. These two perspectives are used to study personality with the latter being more common.  
 Kreitner and Kinicki (2001) also defined personality as the combination of stable physical and 
mental characteristics that give the individual his or her identity. These characteristics include how one 
feels, looks, thinks, acts, etc. These characteristics are a product of genetic influences and environment. 
Values, needs, moods, and motivation are all influenced by personality. Attitudes are also dependent 
on personality characteristics.  Values are global beliefs that influence a person’s behavior across all 
situations while attitudes are related to behaviors in more specific situations (Becker & Connor, 1985) 
as cited in Kreitner and Kinicki (2001). Both may be important in the transfer environment since 
values and attitudes are an inherent part of behavior on the job (Byrum, 2006).   
 Allport (1937) viewed personality theory as a trait theory. Trait theory argues that our behavior 
is consistent and it is rendered so by real neuropsychic structures, which exist inside of us. Therefore, 
according to this perspective, our personality and our actions can be explained in terms of traits. Since 
the beginning of the century when research on personality started to gain influence, researchers used a 
very large number of traits for their studies. There was no set taxonomy and many times the same word 
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was used for traits that meant totally different things (Barrick & Mount, 1991). For instance, one of the 
taxonomies had more then a hundred traits that were measured. Such variety of views presented a great 
difficulty in creating one coherent theory of personality until researchers tried to narrow the number of 
traits down to few critical ones.  
Barrick and Mount (1991) say that systematic efforts to organize the taxonomy of personality 
began shortly after McDougall (1932) discovered that personality may be broadly analyzed into five 
distinguishable but separate factors, namely intellect, character, temperament, disposition, and temper. 
Later Cattell developed a relatively complex taxonomy of individual differences that consisted of 16 
primary factors and 8 second-order factors (as cited in Barrick and Mount, 1991). The authors describe 
then that Tupes and Christal (1958) reanalyzed the correlations reported by Cattell (1943) and Fiske 
(1949) and found that there was good support for five factors: Surgency, Emotional Stability, 
Agreeableness, Dependability, and Culture. Digman in his major work “Emergence of the Five Factor 
Model” (1990) points out, the work of Tupes and Christal (1958) had only a minor impact because 
their study was published in an obscure Air Force technical report. The 5-factor model obtained by 
Fiske (1949) and Tupes and Christal (1958) was corroborated in subsequent studies (Borgatta, 1964; 
Norman, 1963). Borgatta's findings are noteworthy because he obtained five stable factors across five 
methods of data gathering. Norman's work is especially significant because his labels (extraversion, 
emotional stability, agreeableness, conscientiousness, and culture) are used commonly in the literature 
and have been referred to as "Norman's Big Five" or simply as the "Big Five" (Barrick & Mount, 
1991).   
The Five Factor Model of personality is rather important for personality research. It provides a 
taxonomy of trait terms and it is now possible to find almost any trait word in one of the five 
dimensions. The five factors, a result of factor analytic research, used in research today are 
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extraversion, agreeableness, conscientiousness, emotional stability (neuroticism), and openness to 
experience. These are higher order factors that emerged from analyzing a large number of lower order 
traits. There is a general agreement among researchers on the number of factors. Conscientiousness 
and openness to experience are the least agreed upon terms and there were many different names 
assigned to these two dimensions. In contemporary research, however, the five dimensions listed above 
are used consistently. The next section will briefly describe each dimension and what traits fall under 
each of the five factors. 
The Five Factor Model 
Extraversion is the first of the Big Five and it is expressive of activity, energy, and 
vigorousness versus being reserved, apathetic, and depressed. Barrick and Mount (1991) list the 
following traits under this dimension: sociable, gregarious, assertive, active, and talkative. The 
dimension is not limited to the few traits listed above. Raad and Schouwenburg (1996) offer a 
comprehensive table of the dimensions and traits listed under each dimension. Hogan (1986) interprets 
this dimension as consisting of two components, Ambition and Sociability.  
 Agreeableness is the next dimension and, as stipulated by Raad and Schouwenburg (1996), the 
one most concerned with interpersonal relationships. Traits associated with this dimension are: 
cooperative, forgiving, courteous, flexible, trusting, good-natured, tolerant, and soft-hearted (Barrick & 
Mount, 1991).  
 The next dimension is conscientiousness which reflects the following traits: dependable, 
responsible, organized, planful, thorough, hardworking, achievement-oriented, and persevering. 
Goldberg (1992) also listed systematic, efficient, practical, and steady under the dimension of 
conscientiousness.  
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 Neuroticism is a dimension which encompasses characteristics like insecurity, aggression, 
anxiety, guilt and is defined as a tendency to experience negative emotional states. This dimension and 
traits under it are often used to predict counterproductive behaviors.  
 Openness to experience encompasses traits like intelligent, foresighted, interested, resourceful, 
original, and artistic (Raad & Schouwenburg, 1996). Barrick and Mount (1991) add traits such as 
imaginative, cultured, curious, and broad-minded.  
These five dimensions encompass many traits that can influence behaviors at work, including 
transfer. As it was mentioned earlier, along with more or less stable traits individuals also possess other 
dispositional characteristics that are important in terms of behavior in organizations and transfer 
specifically. Wiggins (1996) offers a detailed classification of various personality differences. The Big 
Five takes up only a small portion of the list. Among other variables listed are attitudes, beliefs, goals, 
self-concept, and a subsection of factors named characteristic adaptations. The latter, in fact, is a very 
interesting construct introduced by Costa and McCrae (1994) and discussed in detail by McAdams and 
Pals (2006). The authors state: “Beyond dispositional traits, human lives vary with respect to a wide 
range of motivational, social-cognitive, and developmental adaptations, contextualized in time, place 
and social role” (McAdams & Pals, 2006, p. 208).  
The authors describe characteristic adaptations as goals, plans, strivings, motives, strategies, 
self-images, developmental tasks, etc. Interestingly, some of the most important variables in the 
transfer process may be part of the characteristic adaptations dimension. According to McAdams and 
Pals (2006), it is possible that this is a domain of human individuality more amenable to cultural and 
situational differences than traits. These characteristics are more likely to change over time and are 
more closely linked to motivation and cognition. For instance, goal orientation and self-efficacy are 
such characteristics. Self-efficacy continues to be studied as a less stable individual difference (Judge, 
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Van Vianen, & De Pater, 2004). Goal orientation is treated by some studies as a motivational 
personality variable and sometimes is defined as a stable individual difference factor influenced by 
situational characteristics. These other dispositional variables and the Big Five dimensions and their 
influences on behavior in organizations will be discussed in the next section of this review 
Dispositional Differences and Behavior 
At the outset, it is important to understand how dispositional variables may be related to 
behavior in general. A majority of the research links dispositional variables to performance through 
motivational constructs. Mitchell (as cited in Colquitt & Le Pine, 2000) suggests that psychological 
processes involved with arousal, direction, intensity, and persistence of voluntary actions are goal 
directed. In everyday life on a regular basis people set different goals for themselves. Some people do 
so more than others and the goals vary according to different criteria (long-term vs. short-term goals, 
positive vs. negative goals, individual goals vs. organizational goals). Setting goals affects behavior of 
the individuals and their job-related performance (Locke, 1968).  
The number of specific goals an individual may choose is virtually unlimited. Digman (1997) 
identified two broad motivational goals that people pursue. Basic goals that people have are either 
directed toward communion striving (acceptance and getting along with others) or status striving 
(obtaining power and dominance within status hierarchy). Both categories are present in the work 
environment because every day people are engaged in interpersonal relationships and try to get along 
with their coworkers. The status striving category is self-explanatory: Because many people who work 
in organizations try to reach some sort of status and are motivated by career ladders and professional 
growth. Schneider and Smith (2004) state that because work tasks are not always performed with 
social interaction, the aforementioned two categories may not capture individual’s motivational goals 
at work. They suggest another category - accomplishment striving.  
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Barrick, Stewart, and Piotrowski (2002) assessed these three motivational orientations for 
groups of sales representatives. The researchers found relatively strong relationship between status 
striving and performance. Accomplishment striving was also linked to performance but it was 
mediated by status striving. The assumption behind these findings is that people strive for 
accomplishment as a means of achieving status or communion. In other words, people may strive or be 
more motivated to accomplish tasks in order to achieve status or acceptance and improved 
interpersonal relationships. Schneider and Smith (2004) go further to suggest a model of the 
relationship between the Five Factor Model of personality and work outcomes. The model shows that 
each dimension is likely to influence a specific goal category. For instance, agreeableness is related to 
communion striving, because in order to build positive interpersonal relationship and gain acceptance 
it is beneficial for an individual to be compliant, trusting, considerate, and cooperative. Similarly, 
people who are conscientious and emotionally stable will strive more for accomplishment. People who 
are conscientious are more organized, disciplined, and efficient in carrying out tasks, therefore they are 
likely to be more effective in getting things done. 
 In summary, Schneider and Smith (2004) surmise that these broad goals of status, communion, 
and accomplishment striving represent proximal motivational variables that can be used to explain why 
dispositional characteristics relate to job behaviors and job performance, since these proximal goals 
may be affected by more distal dispositions.  
 Herold et al. (2002) also describe how dispositional differences may influence performance 
using the theory of motivation. They base such linkage of dispositional differences and performance on 
Campbell’s definition of motivation as the combined effects of three choices or decisions: the decision 
to exert an effort (direction), the decision as to the level of effort (level), and the decision to persist at a 
given level of effort (persistence). Dispositional differences influence these decisions by creating 
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differences in self-set goals, assessments of situations, interpretations of situations, and reactions to 
these interpretations. For instance, people who score high on conscientiousness and learning goal 
orientation may choose to set more challenging goals and decide to persist longer at a given level of 
effort because conscientious people are often classified as persevering and learning goal oriented 
individuals often set goals that are not easily attainable. If the goals set are those of learning, which 
would be predetermined by learning goal orientation, a combination of such goal orientation and 
conscientiousness may result in better performance or higher rate of transfer. Therefore, such 
dispositional differences can create between-person differences in observed behavior (Leon, Kanfer & 
Hoffman, (1991).  
 Based on the postulates of research on behavior and dispositional characteristics transfer-
related behaviors can be examined next. The general influence mechanisms are clear. Therefore, the 
next step is to investigate the possible relationships of specific dispositional characteristics and transfer 
of training.   
Training Transfer and Personality Variables 
Zweig and Webster (2004) suggest that there is a relative void in the literature regarding 
combinations of various dispositional characteristics and how they affect behaviors. This is especially 
true when it comes to training transfer. This study attempts to fill this void by proposing the 
relationships between several distal and proximal dispositional variables and training transfer.  
Goal Orientation  
  Goal orientation has been a subject of research in various settings and has been used to predict 
job performance (e.g. Arenas, Tabernero, & Briones, 2006; Sujan, Weitz & Kumar, 1994). Goal 
orientation refers to the goals pursued by individuals in achievement situations (Dweck & Leggett, 
1988). Learning and performance goal orientation, two broad categories of the construct, have been 
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shown to influence different types of job performance outcomes and to evoke various types of 
behaviors in performance settings (Sujan, Kumar & Weitz, 1994; Arenas, Tabernero, & Briones, 2006; 
VandeWalle, 2001; Button, Mathieu, & Zajac 1996). Due to the nature of this construct it is 
specifically related to dispositional and situational goal preferences in achievement situations (Payne et 
al., 2007). Training transfer can be easily described as an achievement situation, where an individual 
attempts to utilize new skills and knowledge on the job to achieve a new level of performance. 
Therefore, it is logical to suggest that the success of this achievement may be partially dependent on 
the type and the level of the goal an individual sets for himself.  
Contrary to the arguments made by some researchers (e.g., Chan & Tesluk, 2000) goal 
orientation is not just personality repackaged but a more proximal mechanism to affect behavior 
(Zweig & Webster, 2004). Payne et al. (2007) suggest that goal orientation is a compound personality 
characteristic that results from a combination of the Big Five source traits. It is a proximal mid-level 
motivational construct positioned between more distal disposition and specific behaviors (Elliot & 
Church, 1997). Consequently, this leads to a proposition that goal orientation construct may have a 
focal influence on transfer process. More specifically, goal orientation may hold a central place in the 
system of dispositional influences on transfer of training. In the following paragraphs this proposition 
and propositions for other personality characteristics are explained from a theoretical standpoint.  
Initially, researchers proposed two types of goals, focused either on performance or on learning 
(Button, Mathieu, & Zajac 1996; Dweck & Leggett, 1988). Specifically, individuals with high learning 
goal orientations focus on increasing their learning and/or task competence, seeking challenges, and 
persisting in the case of failure (Dweck & Legget, 1988). In contrast, individuals with high 
performance goal orientation are interested in demonstrating task competence through gaining positive 
and avoiding negative judgments of competence. Such performance-oriented individuals tend to avoid 
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challenges, decrease their effort and persistence following failure, and fear negative evaluation by 
others (Button et al. 1996).  
Some more recent studies, however, suggested that mastery goal orientation and performance 
goal orientation are not the opposing ends of the continuum but are instead independent constructs 
(Button et al. 1996). Button et al. (1996) suggest for instance that it is possible for a salesperson to be 
concerned about skill improvement while working to outperform other salespeople. This example 
shows that one can possess certain levels of both performance and mastery goal orientation. At the 
same time, individuals with performance goal orientation exhibit either success proving or failure 
avoiding performance goal orientation. Success proving goal orientation is concerned with obtaining 
positive judgments and failure avoiding goal orientation is concerned with avoiding negative 
judgments (VandeWalle, 2001). 
Looking at a learner in terms of goal orientation is like looking at person interested in either 
long-term success and development or short-term attainment of an objective. People who focus on 
failure avoiding approach to training are interested in a short-term performance of a certain task, 
receiving favorable judgments from others, and avoiding negative feedback. Such individuals select a 
task they know can be accomplished using what they know because they tend to believe their skills are 
fixed, and are discouraged by mistakes and failure (Vandewalle, 2001). Interestingly, Heintz and 
Steele-Johnson (2004) hypothesize that individuals with high performance goal orientation exhibit low 
levels of self-esteem and generalized self-efficacy. The findings of Chiaburu and Marinova (2005) 
indicate that self-efficacy is related to learning goal orientation and absolutely unrelated to 
performance-goal orientation. This would indicate that performance oriented individuals may give up 
in the face of difficulties not only because of the types of goals set but also because of lower self-
efficacy. 
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 Dweck and Leggett (1988) have noted that learning goal orientation has an internal focus. That 
is, an individual is driven by some intrinsic goals and motivation, is interested in mastery of certain 
skills and knowledge for his/her own development, and is not concerned with extrinsic factors as much 
as an individual with performance goal orientation. The focus of performance goal oriented individuals 
is extrinsic; in other words an individual is motivated by praise and favorable judgments from others. 
As an individual attempts to transfer new skills and use them on the job he/she will inevitably 
face various obstacles and difficulties. Errors may occur frequently and individuals may receive more 
negative feedback from peers and supervisors than usual. This may hinder the transfer process. 
Individuals who are interested in short-term success, positive feedback and praise may face resistance 
and obstacles and give up. Such individuals may not persevere and will avoid challenging tasks. It is 
clear that being discouraged by failure and criticism and, ultimately, setting the bar too low in terms of 
achieving the immediate objective is not an appreciated behavior in any organization. Once again, 
performance goal orientation is essentially manifested in a short sighted effort to “look good” to others 
(VandeWalle, 2001). Therefore, it may not be related to long-term outcomes like transfer and may not 
lead to persistent application of skills and attempts to master new techniques on the job.    
Learning goal orientation, on the other hand, affects achievement situations differently. 
Individuals with learning goal orientation are focused on developing new skills, attempting to 
understand new skills, and successfully achieving self-referenced standards for mastery (Ford, 
Weissbein, Smith, Gully, and Salas, 1998). They prefer challenging tasks, and therefore may aspire to 
achieve more than their counterparts with performance goals. They believe that their efforts lead to 
success and exhibit greater persistence in face of difficulties. In uncertain and new situations like those 
found in transfer environment, learning goal orientation may help individuals deal with obstacles and 
view errors as learning opportunities. Ford et al. (1998) also assert that learning oriented individuals 
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view negative feedback as useful diagnostic information, which can help facilitate skill development. 
Arenas, Tabernero and Briones (2006) state learning goal orientation leads to understanding that errors 
will inevitably occur if the progress is to be made. In transfer environment errors are a common thing 
because new skills are attempted on the job for the first time. They require practice and time to be 
perfected. Individuals that succeed at transfer have to work hard and work intelligently to be able to 
generalize knowledge and skills to work and maintain these behaviors over time. Sujan et al. (1994) 
have found that learning goal orientation is often associated with adaptive behaviors (altering of 
behaviors and activities on the job in keeping with situational considerations) or working smart. They 
also found that learning goal orientation is related positively to overall amount of effort devoted to 
work.  
Clearly, considering the difficulties associated with utilizing new skills and knowledge at work, 
effort, hard work, positive affect and perseverance are likely to have a positive influence on the 
transfer of training. Moreover, learning goal orientation is a motivational mechanism that engages an 
individual in achievement situations and instigates action, effort, and determination to achieve the goal. 
At the same time, since learning oriented individuals set goals of mastery they are more likely to 
achieve success in transferring new skills than performance oriented individuals who are interested in 
positive feedback and short-term success. Therefore, the proposition is:  
Proposition 1: Learning goal orientation is a central construct in the system of dispositional 
influences on transfer. More specifically, learning goal orientation will be positively related to intent to 
transfer.    
Self-Efficacy    
 A few studies have proposed a link between several other dispositional variables and transfer 
(e.g., Chiaburu & Marinova, 2005; Herold, Davis, Fedor, & Parsons, 2002; Dean, Conte, & 
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Blankenhorn, 2006; Naquin & Holton, 2002). Some focused on self-efficacy, some on dimensions of 
the Five Factor Model, and some focused on other constructs that incorporated traits (e.g., Naquin & 
Holton, 2002). Conscientiousness, openness to experience, and self-efficacy have been the most 
frequently studied variables. The research produced mixed findings. Some boast higher correlations 
than others and some have found weak or no relationship. These differences may be explained by 
various things including poor operationalization of variables, unreliable instruments, different 
definitions of outcome variables, contextual factors, etc.  
Similarly to goal orientation, self-efficacy is an important dispositional characteristic that often 
has a bearing on individual behavior. There are various types of self-efficacy; generalized self-efficacy, 
as discussed by Bandura (1995) is of interest in the personality – transfer relationship. Generalized 
self-efficacy is an enduring belief in one’s capacity to perform across a wide range of situations and 
tasks. This belief, arguably, may be very important in the context of training transfer since the transfer 
environment will likely produce a number of obstacles to be overcome. Self-efficacy may be one of the 
critical variables in overcoming these obstacles.  
Generalized self-efficacy is an enduring belief in one’s capacity to perform across a wide range 
of situations and tasks (Chen, Gully, & Eden, 2001; Bandura, 1995). Washington (2000) suggests that 
different people with similar skills or the same person under different circumstances may perform 
poorly, adequately, or extraordinarily depending on fluctuations in their beliefs of personal efficacy. In 
other words, a person who doesn’t believe in his/her capability to perform and apply new skills and 
knowledge on the job is not likely to succeed in doing so. Martocchio (1994) suggests that individuals 
who have high self-efficacy usually view ability as an acquirable skill and believe that gaining 
knowledge and building their competence can increase their capabilities. Gist, Schwoerer and Rosen 
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(1989) found a positive relationship between trainee self-efficacy and training performance on an 
innovative problem solving task.  
Switzer, Nagy, and Mullins (2005) conducted a study on the influence of training reputation, 
managerial support, and self-efficacy on pre-training motivation and perceived training transfer. The 
findings indicate that self-efficacy is significantly correlated with pre-training motivation, which is in 
turn positively related to training transfer. Chiaburu and Marinova (2005) posited that self-efficacy was 
related to both learning goal orientation and learning transfer. Locke and Latham (1990) found that 
self-efficacy was related to self-set goals. Arenas et al. (2006) found that individuals with lower prove 
performance goal orientation, a more positive attitude toward errors (typical for high mastery goal 
orientation) reported higher beliefs in their own ability to perform the task (self-efficacy). 
Studies that examined self-efficacy are not devoid of inconsistencies however. For instance, 
Hertenstein (2001) found no support for the proposition that learning goal orientation influences self-
efficacy, while Phillips and Gully (1997) determined that learning goal orientation had a positive 
relationship with self-efficacy. In order to obtain reliable results of relationship the proper predictor 
must be specified (research differentiates between pre and post-task self-efficacy, general and task-
specific self-efficacy). These differences may explain differential findings and inconsistent results.  
 Another possible explanation to such inconsistencies may be a lack of understanding of the 
nomological net of the construct. Payne et al. (2007) examined the nomological net of goal orientation 
in their meta-analysis and discovered that many dispositional variables are in fact antecedents of goal 
orientation. Self-efficacy is one such variable.  
As an antecedent of goal orientation, self-efficacy facilitates individuals’ beliefs that 
performance can be improved through effort. Therefore, individuals set goals to improve their 
performance and are more likely to stick with those goals due to their self-efficacy. Payne et al’s 
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(2007) meta-analysis provides ample support for this statement; the true correlation between general 
self-efficacy and learning goal orientation in their study was ρ = .71. At the same time, the correlation 
with performance goal orientation was strongly negative indicating that individuals with high self-
efficacy are likely to be learning and mastery oriented.  
It is likely that self-efficacy along with other dispositional variables, may affect intent to 
transfer work through a more complex mechanism. Self-efficacy, being an antecedent of goal 
orientation (Payne et al. 2007), may affect intent to transfer by facilitating the beliefs associated with 
learning goal orientation. Baron and Kenny (as cited in Holmbeck, 1997) suggest that such relationship 
is indicative of a mediator, where a given independent variable (self-efficacy) influences the mediator 
(learning goal orientation), which then influences the outcome variable (transfer). This leads to a 
second proposition:  
 Proposition 2: Learning goal orientation will mediate the relationship between self-efficacy and 
intent to transfer. 
Conscientiousness  
 Similar to the findings with self-efficacy, Payne et al. (2007) found that some dimensions of the 
Five Factor Model of personality are also antecedents of Goal Orientation. They assert that Goal 
Orientation is a compound trait made up of various aspects of Big Five. For instance, learning and 
performance goal orientation may be grounded in achievement motivation which is a component of 
conscientiousness. Payne et al. (2007) found that conscientiousness was positively related to learning 
goal orientation, negatively related to avoidance performance orientation and unrelated to prove-
performance goal orientation. 
Many personality researchers gave a lot of attention to conscientiousness as a predictor of 
various performance outcomes (e.g. Barrick & Mount, 1991; Holton & Naquin, 2002; Herold et al., 
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2002; Martocchio, 1994; Colquitt et al., 2000; Colquitt & Simmering, 1998). Obviously a careful, 
thorough, responsible, organized, self-disciplined, and scrupulous individual should perform much 
better than someone who does not have such attributes.  
One of the most important studies done in the realm of personality and performance was 
completed by Barrick and Mount (1991).  The authors measured the relationship of five dimensions of 
personality and three job performance criteria (job proficiency, training proficiency, and personnel 
data) across five occupational types (professionals, police, managers, sales, skilled/semi-skilled). The 
authors suggested that conscientiousness was expected to be a valid predictor of job performance for 
all occupational types and all criteria because conscientiousness measures those personal 
characteristics that are important for accomplishing work tasks in all jobs. Conscientiousness was 
found to be a valid predictor of performance for all occupational groups across three performance 
criteria. It is explained by the fact that individuals who exhibit strong sense of purpose, persistence, 
and obligation generally perform better than those who do not.  
Salgado (1997) found a moderate significant true correlation between training proficiency and 
conscientiousness (p = .39). Dean, Conte, and Blankenhorn (2006) found a correlation r =. 16 for 
conscientiousness and simulation based training criteria. The researchers suggested that 
conscientiousness might matter most when the trainees have specific steps to follow in performing 
their tasks.  Herold et al. (2002) found that conscientiousness improved transfer of learning from phase 
I to phase II of the training program. Also, conscientiousness compensated for early learning 
difficulties. That is, more conscientious trainees were more persistent in the early stages of training 
because conscientiousness affected goal-setting, beliefs about effort-performance contingencies, and 
attention allocation decisions.  
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It is especially interesting to note that conscientiousness affected goal-setting. These findings 
are partially supported by Klein and Lee (2006). They linked conscientiousness to goal commitment. 
Interestingly, learning goal orientation and openness to experience were found to relate significantly to 
both the difficulty level of self-set goals and goal commitment. At the same time the researchers had 
shown that learning goal orientation was positively related to conscientiousness and openness to 
experience. Previous research by Zweig and Webster (2004), Chan and Tesluk (2000), Colquitt and 
Simmering (1998) and others supported this proposition empirically demonstrating a positive 
relationship. Day, Radosevich and Chasteen (2003) state that conscientious individuals are self-
disciplined and motivated to see a task through to completion, they persevere in the face of difficulties 
and don’t avoid challenging tasks. Such characteristics my therefore explain an intent to transfer as a 
desire to follow through and accomplish a training goal or a task. Therefore, the proposition for 
conscientiousness is: 
Proposition 3: Conscientiousness will be positively related to intent to transfer. 
Making matters more complex, conscientiousness was positively related to learning goal 
orientation (ρ = .32) and negatively related to performance goal orientation (ρ = -.18) (Payne et al., 
2007). This may indicate that conscientiousness may have more effect on transfer through learning 
goal orientation. We know that hardworking i.e. conscientious individuals do not avoid difficult tasks, 
and persevere (Barrick & Mount, 1991). But along with properly set goals – learning/mastery goals- 
they may transfer more successfully because they will utilize hard work and perseverance properly. 
Instead of seeking positive feedback and positive evaluation of others such individuals work hard for 
the purpose of learning and mastery of the concept. Therefore I hypothesize that conscientiousness 
may influence intent to transfer through a more proximal mechanism of learning goal orientation. Such 
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relationship indicates a partial mediation of conscientiousness-intent to transfer relationship by 
learning goal orientation.  
Proposition 4: Learning goal orientation will partially mediate the relationship between 
conscientiousness and intent to transfer. 
Openness to Experience  
A similar relationship has been found for openness to experience, which is another dimension 
of the Five Factor Model of personality. Barrick and Mount (1991) noted that individuals who score 
high on openness to experience tend to engage more in learning activities and have more positive 
attitude towards learning. Openness to Experience was found to be predictive of training proficiency (r 
= .31). People who were curious, broad-minded, intelligent, and cultured were more likely to have a 
positive attitude toward learning experiences. This dimension may also help identify which individuals 
are “training ready”. This is explained by the fact that individuals who were open to experiences were 
more motivated to enter a training program and took responsibility for their learning process. They 
were also willing to participate in discussions, engage in self-assessment, etc. It is also interesting and 
important to highlight that Costa and McCrae (1987) found that Openness to Experience had the 
highest correlation with cognitive ability of all Big Five dimensions, which might mean that Openness 
to Experience may actually measure ability to learn as well as motivation to learn (Barrick & Mount, 
1991). 
Herold et al. (2002) found that openness to experience was positively and significantly 
correlated with acquiring the necessary skills in a training environment. Dean et al. (2006) obtained 
even more optimistic results, with openness to experience being a significant predictor of training 
performance in a simulation based environment. Since individuals open to experiences usually have 
characteristics like being curious, broad-minded, and intelligent which are associated with favorable 
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attitudes toward learning experiences, these individuals may also be more proficient in training and get 
more benefits out of a training program (Barrick & Mount, 1991). Judge and Ilies (2002) also 
estimated a true score correlation of p =.18 between openness to experience and goal setting 
motivation, which indicates that individuals open to new experiences are motivated to set new and 
interesting goals for themselves.  
At the same time, Costa and McCrae (1992) proposed that part of openness to experience is a 
willingness to entertain new ideas and to try new things, which may lead to covariation between 
openness to experience and learning goal orientation. Since individuals high in learning goal 
orientation embrace new experiences as learning opportunities and not threats, these individuals should 
logically score higher on openness to experience. This statement has been supported by empirical 
research (e.g., Chan & Tesluk, 2000; Connolly & Vieswesvaran, 2002; VandeWalle, 1996).  
 The transfer environment is usually difficult and uncertain and presents many obstacles to an 
employee who attempts to apply new knowledge and skills. It is critical that individuals like to try new 
methods, enjoy exerting effort in the pursuit of task mastery and maintaining their skills and are 
willing to engage in self-assessment, which usually indicates higher openness to experience.  
 As an antecedent variable, openness to experience was positively and strongly (ρ = .44) related 
to learning goal orientation and unrelated to performance goal orientation (Payne et al., 2007). These 
findings indicate that learning goal orientation may be one of the most favorable constructs in the 
system of personality variables to influence transfer because it incorporates a variety of traits favorable 
to transfer that facilitate performance. Openness to experience is one of these traits. Therefore I 
hypothesize that openness to experience has similar relationship with learning goal orientation to that 
of self-efficacy and learning goal orientation. This variable may influence transfer through a more 
proximal mechanism of learning goal orientation. More formally: 
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 Proposition 5: Learning goal orientation will mediate the relationship between openness to 
experience and intent to transfer. 
Emotional Stability  
Other dimensions of the Five Factor Model - neuroticism, extraversion and agreeableness 
should not be downplayed and discarded as unimportant elements. Due to mixed findings in the 
literature and weak to moderate correlations reported, we can only surmise that individuals who are 
emotionally stable, or are on an opposite side of the continuum in neuroticism dimension, will respond 
better to difficult and stressful situations that the post-training environment may bring along. 
Martocchio (1994) suggests that emotional instability may potentially have an impact on adaptation 
and learning in new and changing environment. This is only a theoretical link. However, in support of 
this link, Colquitt and Le Pine (2000) found that anxiety had a significant negative relationship with 
motivation to learn and post-training self-efficacy. Emotionally stable people may cope more easily 
with stress and difficulties on the job and in training, remain calm and address problematic issues more 
efficiently.  
Vasilopolous, Cucina, and Hunter (2007) discussed a possible curvilinear relationship for 
emotional stability and conscientiousness, while finding a significant linear trend for both variables 
predicting training success. An interesting observation from this study was that moderate levels of both 
variables are actually more advantageous than high levels due to curvilinear effects. Oakes, Ferris, 
Martocchio, Buckley and Broach (2001) used Cattell’s 16 Personality Factors (16PF Questionnaire) 
Questionnaire in predicting training success for air traffic controllers and identified emotional stability 
as a valid predictor of the criterion variable.  
It is assumed that neurotic individuals (those who score low on emotional stability) lack 
confidence, optimism, and self-efficacy. Salgado (1997) found a significant relationship between job 
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performance end emotional stability. Barrick and Mount (1991) however did not find significant 
relationship for neuroticism and job performance for various job criteria, except for one job type 
(professionals). Therefore, this relationship may be strictly situational. Barrick, Mount, and Judge 
(2001) in their meta-analysis found that emotional stability was related to job performance in some 
occupations but not others. Emotional stability showed rather consistent levels of criterion validity, 
although the level of validity was still argued to be low (Hurtz & Donovan, 2000). For sales and 
managerial jobs emotional stability was a valid predictor of performance. Perkins and Corr (2005) 
found a weak but significant relationship between performance and neuroticism; however they also 
found an interaction between cognitive ability and neuroticism. The interaction suggested that those 
with low levels of ability and neuroticism had the worst performance ratings, and high cognitive ability 
compensated somewhat for high neuroticism.  
 Judge, Higgins, Thoresen and Barrick (1999) found a significant negative correlation between 
negative affectivity, which is likened to neuroticism, and job satisfaction. Similar relationships were 
found earlier in the literature (e.g., Spector & O’Connell, 1994; Levin & Stokes, 1989). Speculations 
on these findings lead us to suggest that those individuals who are not satisfied with their jobs may be 
less successful in their attempts to transfer new skills and knowledge.  This may be caused by lower 
morale and lack of commitment to the well being of an organization. Individuals who have high 
anxiety, worry a lot, and are subject to high levels of stress, may have a smaller chance of success 
during a complex process of transfer, which is usually accompanied by uncertain and stressful 
environment. Since there is virtually no support for these speculations in the literature and only partial 
and inconsistent support for job performance relationship the attempt will be made to test the transfer-
neuroticism relationship. Therefore I propose: 
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 Proposition 6: Emotional stability will have a significant positive relationship with intent to 
transfer. 
Extraversion 
Extraversion was a predictor of performance for two occupational types –managers and sales 
(Barrick & Mount, 1991). It would be logical to assume that people who are talkative, gregarious, 
sociable and assertive will be more likely to succeed in sales positions. Extraversion also predicted 
training proficiency relatively well in the same study (r = .26) (Barrick & Mount, 1991). It is 
hypothesized that learning is more effective when the learner is active. Therefore, extraverted people 
(who are also talkative, sociable, active, etc.) may be more engaged in the learning experience. 
However, if the training does not involve social interaction (lecture, videotape, CBT) this relationship 
may not be as relevant.  The most recent review also found that extraversion correlated (r = .19) with 
simulation based training criteria (Dean et al., 2006). 
In their more recent meta-analysis, Barrick, Mount and Judge (2001) reported moderate but 
positive estimated true correlation for extraversion and training proficiency (p = .23). However, they 
restated that extraversion is mostly an important predictor in situations where interpersonal interactions 
are critical. Extraversion is an interesting construct and it comprises several traits that could be argued 
to relate to positive performance or training outcomes. For instance, assertiveness and ambitiousness 
are traits that may correlate with self-efficacy, because ambitious and assertive people are more likely 
to achieve their goals and therefore may have more confidence in their abilities. Herold et al. (2002) 
suggested that agreeableness and extraversion reflect interpersonal orientations more so than task 
orientations. Sackett, Gruys & Ellingson (1998) opined that theoretical links to motivation during 
training are less obvious for these variables. If jobs possess significant interpersonal components 
extraversion may be related to performance or other outcome variables (Hurtz & Donovan, 2000). 
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Barrick and Mount (1991) found evidence of the relationship between performance measures and 
extraversion for individuals in sales positions. This relationship is readily justified because the nature 
of the profession requires an ability to interact and project a communicative and friendly image.  
Such situational contingency makes the inclusion of this variable into the model as predictors 
of transfer somewhat difficult. Personality variables, the influences of which are contingent on 
situation, may complicate the model without providing sufficient benefits to it. Since their explanatory 
power may be significant only in few specific situations the suggestion that these variables will predict 
transfer consistently may be questionable.  
However, some researchers (e.g., Zweig & Webster, 2004; Chan & Tesluk, 2000) hypothesize 
that extraversion may have an interesting relationship with goal orientation. Zweig and Webster (2004) 
suggest that extraversion may be related to individual’s positive affect and cognitions. Therefore, such 
people may be more optimistic and less susceptible to the stress of competition. Since one of the 
underlying traits of the Extraversion dimension is ambition, this ambition is likely to affect mastery 
seeking and perseverance. These two dimensions are key concepts in learning orientation.  
Elliot and Thrash (2002) found that individuals with an “approach” temperament, an 
adventurous and exploring temperament, usually score high on extraversion. Such temperament is in 
turn related to learning orientation. Other researchers similarly found a positive correlation between 
learning goal orientation and extraversion (e.g. Chan & Tesluk, 2000; Zweig & Webster, 2004; 
Lawson, 1999.) 
   Since learning goal orientation is a central construct in the model and extraversion may 
correlate with learning goal orientation according to studies cited above, it is important to include it in 
the model as an antecedent of goal orientation. Therefore the proposition for the Extraversion 
dimension is as follows: 
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Proposition 7: Extraversion will be positively related to learning goal orientation. 
Agreeableness 
Barrick and Mount (2001) did not report any significant relationships between agreeableness 
and job outcomes. There was also no significant relationship found for agreeableness and training 
proficiency. In fact, in their discussion in the earlier meta-analysis (Barrick & Mount, 1991) the 
authors state that overall agreeableness is not an important predictor of job performance even in those 
jobs that involve social interactions. Agreebleness, also called Likability (McCrae & Costa, 1985), 
seems to be an important factor for interpersonal orientations and not for job outcomes, performance, 
and, most importantly, transfer. Salgado (2003) states that agreeableness was not a consistent predictor 
of job performance in most studies except for the study by Tett et al. (1991). However, that study 
generally reported higher validities for all Big Five factors than the other similar studies (e.g., Ones & 
Vieswesvaran, 1996; Barrick & Mount, 1991; Salgado, 1997).  
Agreeable individuals are said to be courteous, flexible, and cooperative (Barrick & Mount, 
1991). Since training is often done to improve or change a way of doing one’s job it may cause stress 
associated with changed demands and a learning curve. It is quite possible that individuals with such 
traits will actually have more difficulties transferring the knowledge on the job because it may be more 
challenging for them to deal with obstacles the transfer process usually presents. 
Zweig and Webster (2004) attempted to test a model in which agreeableness was hypothesized 
to positively relate to learning goal orientation. They suggested that those who are imperturbable may 
be likened to persistent individuals. However, imperturbable people are by definition calm and 
controlled rather than persistent, as defined by Oxford dictionary. Persistence is more relevant to the 
Conscientiousness dimension (achievement facet) as was discussed above. Zweig and Webster (2004) 
found a rather moderate relationship between learning goal orientation and agreeableness as seen in the 
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path parameter estimate of .32. It is possible that the almost 70% female sample from an introductory 
psychology course may manifest agreeableness to a much larger extent than an average sample from 
any organization. Other studies (Naquin & Holton, 2002) found some relationship between 
agreeableness and work commitment and motivation to improve work through learning (MTIWL). 
However, the relationship was much weaker than for other variables of the Five Factor Model.  
Ultimately, the relationship between agreeableness and learning goal orientation and training outcomes 
requires more research, before any reasonable theoretical hypotheses can be made regarding this 
variable. Since there is little evidence of any relationship between agreeableness and performance, 
much less transfer of training, an inclusion of this variable in the model is premature.   
External Influences 
 Because transfer of learning is a complex process and does not occur in a vacuum, it is unwise 
to ignore influences of other variables outside of the dispositional realm. The Transfer System Model 
proposed by Holton (1996) depicts dispositional differences as secondary influences on transfer. 
Learning is a fundamental construct in Holton’s model; clearly no transfer can occur without learning. 
At the same time there are a number of factors that can be subsumed under the transfer climate in a 
given organization. The relationship between transfer and these factors has been cited in various 
studies (e.g., Burke & Hitchins, 2007; Chiaburu & Marinova, 2005; Rouiller & Goldstein, 1993; 
Ruona et al., 2002). 
 Holton, Bates, Seyler and Carvalho (1997) state that work environment may affect transfer of 
training through transfer climate. According to Mathieu, Tannenbaum and Salas (1992) transfer 
climate may support or inhibit the application of learning on the job, after the learning has occurred 
and regardless of how much the trainees have actually learned. In addition transfer climate can affect 
one’s ability and motivation to transfer knowledge on the job (Roullier & Goldstein, 1993). 
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Considering that transfer climate includes constructs like social cues (behaviors of supervisors, peers, 
subordinates), task cues (availability of tools and equipment), and consequences (feedback, 
punishment) it is clear that it may foster or impede transfer. Holton et al. (1997) stipulate “transfer 
climate is not the work environment per se or the way people respond to it; rather it is the interpretative 
or perceptual medium through which the work environment affects job attitudes and behaviors” (p. 
97). Perception of the work environment leads to a certain “sense of imperative”, which influences the 
extent to which a trainee can use the knowledge and skills on the job. Transfer climate can differ not 
only from organization to organization, but from group to group, and unit to unit (Holton et al., 1997). 
Research has shown that transfer climate is a critical variable in the transfer system (Holton, 1996). 
Therefore, it is important to account for variance explained by this variable.  
 To achieve transfer trainees must accumulate sufficient knowledge and skills to recognize what 
is required in the transfer environment (Glazer, 1986). Ford, Smith, Weissbein, Gully, and Salas (1998) 
hypothesized that knowledge acquired in training will be related significantly and positively to transfer 
of training. Learning outcomes overall accounted for 41% of variance in transfer performance. Alliger 
and Janak (1989) in their meta-analysis found little relationship between learning measures and 
behavioral transfer measures. However, Ford et al. (1998) explain this by the difficulty of developing 
specific, high quality measures of learning and transfer in the field studies. The possibility that positive 
learning outcomes don’t always lead to transfer is very real. There are other variables at play and 
transfer climate by itself may easily inhibit transfer despite the high levels of knowledge and skill 
retention. However, it would probably be unreasonable to expect transfer of knowledge on the job 
when learning has not occurred. Consequently, it is important to account for these two important 
constructs –learning and transfer climate – in order to be able to determine if any incremental variance 
is explained by dispositional characteristics.     
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Because intent to engage in a behavior is a predictor of behavior the argument can be made that 
transfer climate and learning may be as important in predicting intent to transfer as they are in 
predicting transfer proper. This argument is upheld by the contention that attitudes and beliefs about a 
certain behavior are formed based on previous experiences and perceptions of the environment (Ajzen, 
2002). Essentially, perceptions of transfer climate may influence individuals’ attitudes to transfer and 
therefore their intentions to engage in transfer behavior. Similar contention can be made about 
learning. Individuals who achieve high learning outcomes (i.e. gain new knowledge and skills) may be 
more likely to intend to apply them than those who did not gain sufficient new knowledge.  
In order to test the relationship of dispositional influences and intent to transfer and be able to 
state with reasonable confidence that dispositional differences in fact explain variance over and above 
transfer climate and learning, it is imperative to control for the influences of transfer climate and 
learning. The intention in this study, however, is not to model the relationships of each construct 
subsumed under transfer climate and learning. These variables are included exclusively as control 
variables and in order to acknowledge their weight and importance in the transfer system.  
The Proposed Model of Dispositional Differences and Transfer 
As evident from the discussion on the relationship of transfer and dispositional variables, there 
are several crucial elements that can be combined into one conceptual model. These characteristics are 
likely to positively influence the transfer of training on the job. At the same time, if any of the factors 
or a combination of them is not present an employee may not be as successful in transferring 
knowledge to the job as those who score moderately or high on all or some of these variables. The 
dispositional variables discussed in the propositions section of this study may create the most favorable 
combination of attributes to facilitate transfer. These relationships come together in the model that 
entails only dispositional characteristics.  
 45
Figure 2 depicts the proposed model of the intent to transfer and personality variables. One can 
see that in the center of this model lies learning goal orientation that influences intent to transfer 
directly and at the same time mediates a number of relationships between other variables. The learning 
goal orientation may be considered a prerequisite for the intent to transfer from the individual 
perspective. It is a motivational construct which is responsible for choosing, setting, and “sticking” to 
the goals that may foster transfer. This construct essentially instigates an individual to move towards 
learning transfer behaviors. Other variables, although important, depend largely on the goal processes 
of an individual. Self-efficacy, conscientiousness, and openness to experience, neuroticism, and 
extraversion are all favorable characteristics, but if an individual sets goals other than those pertaining 
to learning/mastery or transfer the influence of these characteristics may be misguided or diminished.  
Studies on learning transfer and factors influencing it have proposed a number of models of 
interrelationships. Many of these models include factors other than those related to personality. The 
model presented here is not to be interpreted as an all encompassing exclusive model for predicting 
transfer. The personality variables discussed here are only one part of the larger system of influences 
referred to as the transfer system (Holton, 1996). 
Some models exist that looked at personality variables and how those related to transfer 
through pre-training motivation. This is a reasonable perspective but the fact that an individual is 
motivated to enter training and participate in training does not necessarily mean that an individual will 
persist in the transfer effort. The transfer environment is much more volatile and uncertain and presents 
an individual with much more obstacles than learning environment. Success in training does not 
necessarily translate into success on the job. It may be the choice of appropriate goals that facilitates 
one’s intention to transfer and persistence in achieving these goals that helps an individual master the 
task using new skills and methods. Goal orientation, specifically learning goal orientation, provides 
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just the right mechanism for setting the right goals and sticking with them.  That is why learning goal 
orientation is the central construct (darker square), which represents a central variable in the model – a 
mechanism through which all other variables work to influence the training transfer.  
Openness to experience, a dimension of the Big Five, acts as the predetermining factor in 
creating an intrinsic state conducive for transfer and is also an antecedent of learning goal orientation. 
From the discussion and analysis of the construct it is evident that individuals open to experience 
respond better to learning situations and tend to be more open to trying new things, therefore they may 
be more prone to transfer.  
Conscientiousness may influence intent to transfer, since some studies found a relationship to 
training success, but is mediated partially by learning goal orientation. The partial mediation can be 
explained by the fact that conscientious individuals tend to work hard and persevere but their success 
depends on whether they set the appropriate goals and stick to it. Self- efficacy may related to intent to 
transfer through a mechanism of learning goal orientation because self-efficacy facilitates the beliefs 
about one’s ability to reach the goals and master the task.  
Emotional stability, as an antecedent of learning goal orientation, may influence an individual’s 
ability to deal with stress, persevere, and stick to the set goals of learning. Emotionally stable 
individuals are likely to be more level-headed, perform better under pressure, and make reasonable and 
well thought-out decisions. Therefore, they may have more success in transfer environment. However, 
the relationship of emotional stability and transfer may be mediated by learning goal orientation, since 
it is still critical for an individual to select and set the goals of learning and not of performance-
approach or performance-avoidance orientation.   
Finally, extraversion may be related to learning goal orientation. As assertiveness and 
ambitiousness are facets of this dimension, ambitious and assertive people are more likely to achieve 
 47
their goals and therefore will have more confidence in their abilities. These characteristics are likely to 
affect mastery seeking and perseverance, which are very similar to behaviors induced by learning goal 
orientation. The dimension is important because it may influence learning goal orientation and make it 
more pronounced. Therefore, extraverts may have more focus on mastery and learning. 
These relationships are hypothetical and are based on conclusions drawn from the findings in 
the relevant literature. Testing this model will present a chance to confirm these relationships and 
perhaps lead to the creation of a more parsimonious model if appropriate. No study has attempted to 
test the relationship of these dispositional variables in combination and transfer of training. This study 
intends to fill this void and investigate which specific characteristics matter in the process of training 
transfer.  
 
Figure 2. The model of hypothesized relationships between personality variables and training transfer 
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CHAPTER 3 
RESEARCH METHODOLOGY 
 This chapter describes the research methodology of the study including research design, 
population and sample, and statistical methodology. One section is devoted to the instrumentation of 
the study and the administration of the instruments.  
Research Design Overview 
 The purpose of this study is to test a hypothesized model of relationships between a set of 
dispositional variables and intent to transfer training on the job. The hypothesized model of 
relationships was discussed in the previous chapter and justification for each relationship was 
provided. This chapter will describe the research methodology of the study. The first section will be 
devoted to the population and sample to be used for the study. Next, in the instrumentation section, the 
measures used to operationlize variables of interest will be reviewed. Finally, the last section will be 
devoted to the statistical methodology.    
Population and Sample 
 The population for this study is the employees who have completed various types of training in 
a large Fortune 500 Company in the Southeastern part of the United States. Each of the subjects is 
expected to complete a training program/class prior to the administration of the measures. Training 
programs will include craft training, corporate training classes, accounting practices, financial training, 
first aid and safety training, HR practices, hazardous materials, excel and other software training.    
The sample size for the study is based on Bentler and Chou (1987) recommendation of at least 
5 cases per parameter estimate. Including all indicator variables there are 45 parameters to be estimated 
for this study. Hair et al. (1998) made similar recommendations of minimum 5 respondents per 
estimated parameter, while 10 respondents per parameter were considered most appropriate. Hair et al. 
 49
(2005) recommend that a sample size sufficient for accurate estimation ranges from 100 to 400 
respondents. A sample size that exceeds 400 respondents results in the model that is too sensitive. 
However, complexity of a model may call for sample size in the 400 range or above. Based on Hair et 
al’s (2006) recommendation the sample size deemed sufficient for this study is between 300 and 400 
respondents. Subjects were identified through a large organization-wide training database, which 
identifies type of training completed, duration, completion date, final course grade/rating, supervisor 
name, and location of the subject. Professional employees and craft workers of the same organization 
were used as respondents in the study.  
Instrumentation 
Five Factor Model Variables 
 Overall five different instruments were used in the study. In order to collect measures of the 
Five Factor Model variables Costa and McCrae (1985) Neuroticism-Extroversion-Openness Five 
Factor Inventory (NEO-FFI) was used. Neuroticism-Extroversion-Openness Inventory (NEO) is one of 
the best validated instruments available in personality research (McCrae & Costa, 1991). In the 1991 
article McCrae and Costa state that NEO is the only instrument that was designed specifically to 
operationalize the Five Factor Model constructs, Conscientiousness, Openness to Experience, 
Neuroticism, Agreeableness and Extraversion. The instrument emerged from cluster analysis of 
Cattell’s (1970) 16PF scales. However, the emerging structure only accounted for three dimensions of 
personality, Extraversion, Openness to Experience, and Neuroticism (Costa & McCrae, 1976). 
Subsequent revisions resulted in NEO-PI-R, which also measured Coscientiousnes and Agreeableness 
(Costa & McCrae, 1992). This latest version of the instrument consists of 240 statements describing 
one’s perception about themselves, which are rated by the respondents using the 5-point Likert scale. 
Such use of statements rather than adjectives is advantageous for personality research since it provides 
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more precision and clarity for the respondent (Widiger & Trull, 1997).  NEO-PI-R has undergone 
extensive validity and reliability research (Costa & McCrae, 1992; Widiger & Trull, 1997). The 
instrument has been used on college students and adults of all ages. Studies have shown that socially 
desirable responding does not invalidate results; the NEO-PI scales are also balanced to control for the 
effects of acquiescence (McCrae & Costa, 1983).  
 Costa & McCrae (1992) have also developed an abbreviated version of their personality 
inventory called NEO Five Factor Inventory (NEO-FFI). This version is a 60-item measure. It differs 
from the NEO-PI-R in that it does not include facets of each dimension of personality. For instance in 
NEO-PI-R Conscientiousness dimension is broken into 6 facets: Competence, Order, Dutifulness, 
Achievement Striving, Self-Discipline, and Deliberation. Eight statements measure each of the facets 
in the NEO-PI-R. Albeit useful, such fidelity in the measurement of the Five Factor Model variables in 
this study is premature because the purpose of the study is to examine the relationships of broad 
personality constructs and dispositional variables and transfer to establish the feasibility of the overall 
model.  
NEO-FFI measures each dimension of the Five Factor Model with a 12-item scale. The scores 
for each item are then summed to provide a total score for each personality dimension. The scales of 
NEO-FFI have demonstrated good internal reliability and convergent validity with the full version, 
NEO-PI-R (Ferguson & Patterson, 1998; Naquin, 1999). The correlations between factors of NEO-FFI 
and NEO-PI-R ranged from .77 to .92 in the Costa and McCrae (1992) study.        
Generalized Self-Efficacy 
Generalized Self-efficacy was measured using Chen, Gully and Eden’s (2001) eight-item 
measure New Generalized Self-Efficacy Inventory (NGSI). During their research on self-efficacy 
Chen, Gully and Eden realized the importance of the Self-Efficacy construct and stated that lack of 
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systematic construct validity research on Generalized Self-Efficacy (GSI) measures has prevented 
substantive researchers from maximally utilizing the Generalized Self-Efficacy construct in 
organizational research (Chen, Gully & Eden, 2001, p. 67). The authors conducted three studies, in 
which they revised the Chen and Gully’s (1997) New GSE scale and compared its content validity to 
that of the Sherer Generalized Self Efficacy (SGSE) (1982) scale. The authors then further compared 
the reliability and validity of the NGSE scale and the SGSE scale in various samples. SGSE scale has 
been developed by Sherer (1982) for clinical research, but it has also been used in organizational 
research and is considered to be the most widely used self-efficacy scale (Chen, Gully & Eden, 2001). 
However, some inconsistencies have been found in its scale structure. Woodruff and Cashman (1993) 
found that the SGSE items measure three distinct factors reflecting self-perceptions of behavior 
initiation, effort, and persistence, which, according to Bandura (1995), are not self-efficacy but its 
consequences (Chen, Gully & Eden, 2001). Chen, Gully and Eden’s (2001) measure of NGSE has 
been validated overall on approximately 600 undergraduate students and 54 managers in three different 
studies. Factor analysis of NGSI yielded a single factor solution for the eight items, with reliabilities 
ranging from a =.85 to a =.88. The test-retest reliability coefficients for the 8-item NGSE scale were 
high, rt1 – t2 = .65, rt2 – t3 = .66, rt1 – t3 = .62. Thus, the final 8 NGSE items yielded a scale that is 
theory based, unidimensional, internally consistent, and stable over time (Chen, Gully, & Eden, 2001). 
In each consecutive study the results were replicated and the unidimensionality of the construct was 
observed.  
NGSE consists of eight statements describing individual attitudes and feelings related to one’s 
belief in his/her ability. For example, “I will be able to achieve most of the goals that I have set for 
myself”. The respondents are then asked to indicate the level of agreement with such a statement using 
a 5- point Likert scale.  
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Goal Orientation 
Learning goal orientation was measured using the four item Learning Goal Orientation scale 
from VandeWalle’s (1997) 13-item Goal Orientation instrument. VandeWalle’s measure, along with 
Button, Mathieu, and Zajac’s (1996) Goal Orientation instrument, are considered the most popular and 
widely used measures of Goal Orientation. Both have endured criticisms and both have methodological 
weaknesses. Button et al’s (1996) confirmatory factor analysis results indicated only a moderate fit of 
data to their two-dimensional model. Button et al. (1996) considered Goal Orientation to be a two-
dimensional construct with Learning and Performance Goal Orientation. Such operationalization is not 
consistent with latest research that views goal orientation as three- and, sometimes, four-dimensional 
construct (Payne, Beaubien, & Youncourt, 2006; Elliot & Harackiewicz, 1996). Jagacinski and Duda 
(2001) found that fit indices were well below acceptable cutoff values for a two-factor model 
developed by Button et al. (1996).  
The second problem with Button et al’s (1996) scale is its inability to discriminate between 
those who score high and those who score in the middle range on goal orientation. Average scale score 
was frequently one to two standard deviations above the scale midpoint (Halfsteinsson, Donovan, & 
Breland, 2007).  Button et al’s (1996) scale demonstrated poor psychometric properties in general, 
with only one of eight items on their Performance Goal Orientation scale demonstrating discriminating 
abilities.  
“Given that researchers are showing an increasing preference for the three-dimensional 
goal orientation framework, along with the fact that the BPGO scale has been criticized for 
confounding the prove and avoid dimensions of PGO, the poor psychometric performance of 
this measure leads to the conclusion that the use of this scale cannot be recommended 
(Halfsteinsson, Donovan, & Breland, 2007, p. 736).” 
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 VandeWalle (1997) has developed a pool of 50 items that were written to reflect the definitions 
of Learning, Performance – Approach, and Performance –Avoidance Goal Orientation. The item pool 
was reviewed for face validity by a panel of experts; a pilot instrument was then administered to a test 
sample. Statistical analysis and focus groups comments produced a 16-item instrument. This version of 
the instrument was then analyzed with exploratory and confirmatory factor analyses, reliability 
analyses for internal consistency, and test-rest reliability analysis. Exploratory factor analysis led to 
deletion of 3 items for a total of 13 items in the instrument. Confirmatory factor analysis showed that a 
three factor model had a superior fit to the data as compared to two-factor, and one-factor model. 
Internal consistency analysis produced Cronbach’s alpha values of a = .89 for Learning, a = .85 for 
Prove, and a = .88 for Avoid Goal Orientation scales. Test-retest reliability analysis produced 
correlations that exceeded the Robinson et al. (1991) extensive criterion of a correlation of greater than 
.40 (VandeWalle, 1997). This instrument’s main weakness according to Halfsteinsson, Donovan, & 
Breland, (2007) is the small number of items for each of the scales. However, its psychometric 
properties were reportedly better than those for Button et al’s instrument. Vandewalle (1997) himself 
points out that Button et al’s measure is too general and is not linked to any specific domain (work, 
learning, etc.). This may cause problems in measurement because people may hold different goal 
orientation for different domains. Dweck (1991) states, that an individual may hold learning goal 
orientation in the academic domain but performance goal orientation in the athletic or work domain. 
Vandwalle’s instrument is directly linked to work domain, which is of primary interest in this study as 
opposed to other goal orientation instruments that were designed for an adolescent learning settings.  
 The final Goal Orientation Measure consisted of 13 items. Since Learning Goal Orientation is 
the construct of interest for this study, the LGO scale consists of 4 items.  The items are written in the 
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form of behavioral statements and the respondents are asked to indicate a level of agreement to them 
on a six-point Likert scale.       
Intent to Transfer 
Intent to transfer is a dependent variable in the model. Intent to transfer was measured using 
Bates and Holton (2007) Intent to Transfer instrument. This is a four item Likert type scale that asks 
respondents to what extent they intend to engage in transfer behaviors. The respondents are asked to 
indicate their degree of agreement with each statement. This measure was developed based on the 
theory of planned behavior (Azjen & Madden, 1986).  
Transfer Climate 
 To measure the influence of personality variables over and above that of other critical factors 
(Holton, 1996) it is important to measure the subjects’ perceptions of the transfer environment and 
obtain a measure of their learning success in a training program to account for the variance of these 
factors. 
The Transfer Climate was measured using the well validated Learning Transfer System 
Inventory (Holton et al., 2000).  The present version of the instrument contains 68 items; it was 
validated by Holton et al. (2000). The 68 item instrument is subdivided into two domains: Training in 
Specific and Training in General. The first domain contains 45 items and the second domain consists 
of 23 items. There are four sets of factors in the instrument: Motivation, Work Environment, Ability, 
and Secondary Influences. Overall, factor analysis consistently revealed 16 factors.  
The present version of LTSI also contains twenty one research items, which are being tested for 
their validity. Some original items that were developed for early version of the instrument (Holton et 
al. 1997; Holton et al. 2000) were found to be problematic in the US and cross-culturally. Some, for 
instance, had too much jargon; items related to Positive Personal Outcomes talked too much about 
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salary, etc. New items were developed to address such problems and weaknesses in some scales. The 
research items have increased the reliability coefficients of the scales both in the US studies and in 
cross-cultural studies. These items were included for the following scales: Personal Outcomes Positive, 
Personal Capacity for Transfer, Supervisor Sanctions, Opportunity to Use Learning, and Feedback 
Performance Coaching.  
The LTSI originated after critical analysis of Kirkpatrick’s four level evaluation model (Holton, 
1996). Holton (2000) proposes a new approach to evaluate training transfer. Four domains are 
considered in the conceptual model of organizational performance improvement from training. Each 
domain represents a system of factors that impact learning, individual performance, and ultimately, 
organizational results. 
• Motivational factors include direct measures of transfer-related motivation (motivation to transfer), 
and two measures that stem from Vroom’s expectancy theory (transfer effort – performance 
expectations and performance – outcome expectations), which are intended to assess transfer-
related expectations. Motivation to transfer measures the extent to which individuals are motivated 
to utilize learning in their work, and therefore, plan to use new skills and knowledge, which will 
help them to perform more effectively on the job. Transfer effort – performance expectations 
measures the extent to which individuals believe that applying new skills and knowledge learned 
will improve their performance. In turn, performance – outcome expectations scale assesses the 
extent to which employees believe that applying new knowledge learned in training will lead to 
some kind of recognition valuable and meaningful to them. 
• Secondary influences, which can also be classified as trainee characteristics scales, are presented 
by learner readiness and performance self-efficacy. Learner readiness relates to the degree of 
preparedness of the trainee to enter training, including knowing what to expect during training and 
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understanding how training was related to job and work performance. Performance self-efficacy is 
essentially the belief that the learned material can be used on the job to improve performance. In 
other words, this scale represents the confidence of the employee that he/she can overcome 
obstacles that hinder the use of new knowledge and skills at work. 
• Environmental elements or factors are measured by three scales that address employee-supervisor 
relationship (supervisor support for transfer, supervisor sanctions, and performance feedback). 
Essentially, these scales address managers’ involvement in clarifying performance expectations 
after training, identifying opportunities to use new knowledge and skills, setting realistic goals 
based on training, and working with individuals on problems encountered. On the negative side, 
supervisor sanctions indicate the degree of opposition to application of new skills and knowledge, 
lack of assistance to identify opportunities to use new skills, and providing negative or inadequate 
feedback when individuals successfully apply learning on the job. Peer support and openness to 
change scales assess the work-group related factors that influence training transfer. Peer support 
scale aims to establish whether peers mutually implement opportunities to apply skills and 
knowledge learned in training, encourage each other to use new skills, display patience and 
appreciation for the use of new skills. Openness to change scale addresses the extent to which work 
groups are willing to invest energy to change, and provide support to individuals who use new 
techniques learned in training.  The reward system in place in organizations and the rewards an 
employee expects for successful training completion and implementation of new knowledge and 
skills on the job are important constructs that influence the amount of transfer on the job. These 
factors are measured by two scales: performance outcomes positive and performance outcomes 
negative. Positive outcomes delineated here include: increased productivity at work, increased 
 57
personal satisfaction, respect, increase in salary or other types of rewards, promotion, etc. Negative 
outcomes include reprimands, penalties, peer resentment, lack of rewards. 
• Finally ability elements have been discussed in transfer research as some of the most important 
elements affecting transfer of training on the job. The ability to apply learning to the job setting is 
addressed by opportunity to use learning scale and personal capacity scale. Opportunity to use 
scale is designed to measure the extent to which an employee is given the opportunity to apply 
what he/she learned during training in terms of adequate equipment, information, human and 
financial resources, materials, and supplies. Personal Capacity for Transfer assesses the extent to 
which individuals’ workload, schedule, personal energy, and stress level facilitate or inhibit the 
application of new knowledge and skills. It is important that training be consistent with job 
requirements and skills and knowledge taught in training be similar to performance expectations. 
The adequacy of these elements is measured by the perceived content validity scale. Finally, 
transfer design scale measures the extent to which training has been designed to clearly link 
learning with on-the-job performance through the use of clear examples, methods, and activities.   
The LTSI has been validated in the United States and in other countries (e.g., Holton et al, 1997; 
Holton et al, 2000; Bates & Holton, 2004; Holton, Chen, & Naquin, 2003; Yamnill, 2001; Bates, 
Kauffeld, & Holton, 2005). In addition several studies provided evidence of criterion validity (Bates, 
Holton & Seyler, 1997; Bates, Holton, Seyler & Carvalho, 2000) and convergent and divergent validity 
(Holton, Bates, Bookter, & Yamkovenko, 2007).  
Since the purpose of including transfer climate into the model is to control for variance explained 
by it in order to determine incremental variances attributed to dispositional characteristics, an all 
subsets stepwise regression will be performed to select the subset of LTSI variables that explains the 
most variance in the intent to transfer measure. Sixteen variables included in LTSI will therefore be 
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included into the regression equations as independent variables with Intent to Transfer as a dependent 
variable. This procedure will help reduce the number of LTSI variables to the essential ones, since no 
attempt is made to model LTSI variables but simply want to control for variance explained by transfer 
climate in the transfer system.  
Learning Measure 
 The training database that is used to identify potential participants of the study also provides 
information on the final grade in the training class. The effort was made to select those individuals that 
had completed training with some sort of a final test to provide a measure of learning so a final grade 
or score on the test can be used as a measure of learning in this study. Learning measure, just like 
transfer climate variables, serves as a control variable in the given study, because learning must occur 
for transfer to be possible. 
Procedure 
The goal is to administer the measures as soon as possible after training completion. Too much 
variance in times of completion would introduce a possibility of some random event influencing the 
responses on the measures. It is especially critical for the Intent to Transfer instrument, which will be 
used as a surrogate measure of training transfer. Ajzen & Madden (1985) stated that intent to engage 
into certain behavior may be severely influenced by the time between the measurement of the intent 
and an action or behavior itself. To minimize this variance it was decided to administer the measures 
within five days of training completion. 
As soon as the subjects are identified through the training database they are contacted via 
phone or email in order to administer the survey instrument. If the subjects are not reached within five 
days or the survey is not returned to the researchers within the acceptable time frame of one week the 
cycle will be repeated and the next group of subjects will be identified and contacted. This process will 
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help ascertain that the short window after the training program is captured during which the intent to 
transfer is measured with most effectiveness. All surveys are to be administered through paper and 
pencil unless the company requires the administration to be conducted online to minimize time and 
costs of the process 
Data Analysis 
Structural equation modeling was used to test the model. Although LISREL software designed 
by Joreskog & Sorbom (1993) is by far the most popular software used in SEM modeling, SPSS 
AMOS software is a more user friendly alternative. Therefore all structural equation modeling analyses 
in this study will be performed using AMOS 17. Structural equation modeling (SEM) approach to data 
analysis is described as the most important and influential statistical revolution to have occurred in 
social sciences (Cliff, 1983). SEM has two distinguishable characteristics that are extremely 
advantageous to data analysis. First of all, SEM allows for estimation of multiple and interrelated 
dependence relationships, as opposed to most other multivariate techniques that allow only a single 
relationship between dependent and independent variables. Second, SEM has the ability to represent 
unobserved concepts in these relationships and account for measurement error in the estimation 
process (Hair et al., 1998). 
 Hair et al., (1998) proposes a seven stage approach to SEM.  
1. A development of a theoretically based model.  
2. Constructing a path diagram of causal relationships 
3. Converting a path diagram into a set of structural and measurement models 
4. Choosing the input matrix type and estimating the proposed model     
5. Assessing the identification of the structural model 
6. Evaluating goodness-of-fit criteria. 
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7. Interpreting and modifying the model. 
Since the theoretical model has been developed and the path diagram presented in chapters one and 
two we can now proceed to measurement and structural model specification. According to Anderson 
and Gerbing (1988), the model building task can be thought of as the analysis of the two conceptually 
distinct models. Confirmatory factor analysis is used to specify the relations of the observed measures 
or indicators to their posited underlying constructs. The constructs are allowed to intercorrelate. At this 
stage the measurement model is tested. Next, the structural model based on theoretical framework 
specifies the causal relationships of the constructs to one another. The test of the measurement model 
through CFA is an assessment of convergent and discriminant validity (Campbell & Fiske, 1959). The 
test of a structural model then constitutes a test of nomological validity (Campbell, 1960). The model 
fit is then evaluated using a variety of available fit indices. From here the researcher can accept the 
findings about the model fit, confirm or disconfirm the model, and choose whether to modify the 
model or not.   
Ullman (2006) cautions that, since SEM is based on covariances, which are less stable when 
estimated from small samples, sample size is an important consideration in SEM methodology.  
Hayduk (1987) states that sample size should be relative to the number of indicators being estimated. 
According to Bentler (1985) the sample size-to-parameter ratio of 5:1 is sufficient in maximum 
likelihood estimation procedures. Hair et al., (1998) discuss several criteria for determining necessary 
sample size. Model size, departures from normality, estimation procedure, and model misspecification 
are important factors to consider when determining the sample size for SEM study. For instance, the 
authors suggest that the minimum sample size must be greater than the number of covariances and 
correlations in the input data matrix. If the data deviate from normality the ratio of respondents to 
parameters has to increase to 15 to one (Hair et al, 1998).   
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 Anderson and Gerbing (1988) proposed to conduct data analysis in two stages. Such approach 
minimizes the interpretational confounding, which occurs when empirical meaning assigned to the 
unobserved variables is different from the meaning assigned a priori to estimating unknown parameters 
(Burt, 1976; Anderson & Gerbing, 1988). Since no constraints are placed on the structural parameters 
that relate the estimated constructs to one another during the separate estimation of measurement 
model, the interpretational confounding is minimized.  The first step is testing the measurement model. 
This step is essential in ascertaining the validity of the constructs included in the model (Buhi, 
Goodson, & Neilands, 2007). The measurement model describes the relationship between observed 
variables, which are measured with the instruments used in the study, and the latent constructs those 
variables are hypothesized to measure (Weston & Gore, 2006). The measurement model allows 
evaluation of how well observed variables combine to identify underlying latent constructs. In order to 
avoid misspecification in the relationships among variables it is important to select appropriate 
measures for each of the latent constructs. The measures are appropriate and indicators are properly 
specified when several measures (indicators) of one latent constructs correlate among themselves. 
Bollen (1989) discouraged researchers from testing models that included constructs with single 
indicators. Practical concerns, however, often prevent researchers from using multiple measures for 
each construct (Weston & Gore, 2006). Confirmatory factor analysis is used to test the measurement 
model. Through CFA researchers can identify the best indicators of a particular latent construct.  
The next step is to estimate a structural model. Structural models are used to specify the 
hypothesized relationships among latent variables. The goal at this stage is to examine the underlying 
relationships between latent constructs tested in the measurement model and other variables proposed 
by the theory (Buhi, Goodson, & Neilands, 2007). At this stage the researcher can examine direct, 
indirect, and total effects among variables.  Testing the fit of the structural model with the data is the 
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next stage in the analysis of the data.  Weston and Gore (2006) state that researchers should evaluate fit 
in terms of significance and strength of estimated parameters, variance accounted for in endogenous 
observed and latent variables, and how well the overall model fits the observed data, as indicated by fit 
indices. SEM allows for quantifying the correspondence between the predicted and observed 
covariances and generates a goodness-of-fit value or index. Fit indices can be thought of as effect 
sizes, which characterize the fit of a model to data (Buhi, Goodson, & Neilands, 2007). Hair et al., 
(1998) define goodness-of-fit measure as a correspondence of the actual and observed input matrix 
with that predicted from the proposed model. The authors caution researchers against overfitting the 
model by including too many indicators. Instead the researchers should strive to achieve model 
parsimony by increasing the number of degrees of freedom. Model parsimony means better model fit 
for each estimated coefficient (Hair et al., 1998).  
Fit Indices 
There are a number of model fit indices available and many may and should be used in one study 
in order to allow comparisons and consensus across types of measures (Hair et al., 1998). The fit 
indices are usually categorized into absolute fit, relative fit indices, and parsimony indices. An absolute 
fit index directly assesses how well an a priori model reproduces the sample data (Hu & Bentler, 
1998). In contrast a relative or incremental fit index measures the proportionate improvement in fit by 
comparing a target model with a more restricted, nested baseline model (Hu & Bentler, 1998). 
Incremental fit indices are also called comparative fit indices. The parsimony fit indices are used to 
determine whether the model have been achieved by overfitting the data with too many coefficients 
(Hair et al., 1998). Since more complex models will generate better fit than less complex ones, the 
parsimony fit indices penalize for lack of parsimony in the model. Parsimony ratio, parsimony index, 
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parsimony goodness of fit index (PGFI) and root mean square error of approximation (RMSEA) are all 
parsimony fit indices.   
The goodness-of-fit index (GFI) and adjusted GFI (AGFI), the likelihood-ratio chi-square statistic, 
and the standardized root mean square residual (RMSR) are absolute fit indices. Higher values for GFI 
and AGFI and lower values for SRMR and RMSEA indicate better model-data fit (McDonald & Ho, 
2002). The chi-square statistic is unfortunately very sensitive to sample size and therefore should be 
supplemented by other fit indices when samples are small (McDonald & Ho, 2002; Hair et al., 1998). 
For instance, Bollen (1989) and Hu and Bentler (1999) recommend using other incremental and 
absolute indices to supplement the goodness-of-fit measures. Among the incremental fit indices are 
normed fit index (NFI), Tucker-Lewis index (TLI), relative noncentrality index (RNI), and 
comparative fit index (CFI). Larger values in incremental fit indices indicate larger improvements over 
a baseline model in fit with values in the .90s and .95s generally accepted as indications of good fit 
(McDonald & Ho, 2002). Hu and Bentler (1999) recommend reporting SRMR along with one of the 
incremental fit indices (NFI or CFI). It is also recommended to report a model chi-square value with its 
degrees of freedom (McDonald & Ho, 2002). In their review of practices in reporting SEM results 
McDonald and Ho (2002) report that CFI and Mc Donald and Marsh (1990) unbiased relative fit index 
(URFI) were the most frequently used indices along with RMSEA, which originated with Steiger & 
Lind, being the next most frequently used fit index. McDonald and Ho (2002) suggest reporting a large 
number of fit indices because we do not know how to use any of them. The only criterion the authors 
offer is the principle that model is acceptable only when the number of discrepancies is too small to 
support a more complex model. Therefore, the detailed examination of such discrepancies is very 
important and cannot be substituted by any fit index (McDonald & Ho, 2002). The authors recommend 
reporting root mean square residual (RMR) because the discrepancies in the model are adequately 
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summarized in this index. RMSEA and URFI are also recommended to supplement the reported 
indices because they have been shown to be free of sampling bias. 
 Hair et al. (1998) recommends reporting the chi square goodness of fit measure. Barrett (2006) 
states that reporting χ2  is necessary as it is the only true and the most obvious and direct test of the 
SEM model fit to data. It cannot be substituted by the other fit indices. Because of its sensitivity to 
sample size, the χ2 goodness of fit test should be supplemented by other indices to allow comparisons. 
Therefore, besides chi-square and based on Bentler’s (2007) recommendations several fit indices will 
be reported in this study. SRMR will be reported for an absolute index, because it conveys much 
information and is easily understandable because good models will have small residuals on average. 
CFI and RMSEA will also be reported per the recommendation of Bentler (2007) and Hu and Bentler 
(1995) since these indices provide ways to compare the improvement of fit of researcher’s model over 
a more restricted model (CFI) and correct for model complexity (RMSEA).  
Model Modification 
The issue of model modification has been addressed and debated extensively in the literature. 
McCallum, Roznowski, and Necowitz (1992) state that one should not expect to find a model that may 
be considered as precisely true or correct in the population. “No model fits real-world phenomena 
exactly” (McCallum et al., 1992, p. 490). One of the concerns of model modification is the 
capitalization on chance. This concern is more serious in studies of a strict confirmatory nature. If a 
study is more exploratory in nature the researchers may construct rough models and then explore 
variations to that model. In other words, consideration of model modification that would enhance the 
fit of a model would be more natural and may be approached less conservatively in the exploratory 
model development (McCallum et al., 1992).  
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The sample size, number of modifications to the model, and interpretability of model 
modifications are all important criteria to consider when modifying a model. McCallum et al. (1992) 
suggests that for small sample sizes model modifications or specifications searches can be unstable 
from sample to sample. It is recommended that cross-validation be performed on modified models if 
model modification occurs.   Since it may be difficult to draw an independent sample for cross-
validation from the expected sample in this study, any model modification, if warranted, will be cross-
validated in the subsequent studies. As far as added parameters, the researchers must be able to provide 
a clear interpretation of the parameter and justification for the change (McCallum et al., 1992).   
Two main reasons to modify structural models are to test hypotheses and to improve fit. Since 
SEM is a confirmatory technique, the model modification to improve fit changes the analysis from 
confirmatory to exploratory (Ullman, 2006).  
 Breckler (1990) states that modifications to the model can be derived on theoretical grounds but 
it is more common to modify models based on the data. A modification index provided by LISREL can 
be used to determine the reduction in the chi-square statistic if the parameter is changed from fixed to 
free. Breckler (1990) warns that model modification does not always lead to the model that is 
consistent with the data. McCallum et al. (1992) also caution that small sample sizes and number of 
modifications made to the model increase the likelihood that the results are simply a capitalization on 
chance. The authors suggest that since model modifications as used in practice are likely to be highly 
influenced by chance characteristics of the sample, it is imperative to take a conservative approach and 
make as few modifications as possible with clear interpretability (McCallum et al., 1992). 
 Because the model proposed in this study is the first hypothesized model of the dispositional 
characteristics and training transfer, this study can be considered exploratory in nature. Therefore, 
model modifications are possible if the hypothesized model does not fit the data well. McCallum et 
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al’s (1992) alternative approach of testing several a priori models is not feasible in this study because 
the theoretical and empirical findings in the field point to the specific relationships depicted in the 
model (Figure 1a).   
Cliff (1983) makes a very interesting observation that the very forms of equations underlying 
LSIREL guarantee that in virtually every application there are infinity of models that will fit the data 
equally well. The data does not confirm a particular model; it just doesn’t disconfirm the hypothesized 
model. However, what this means is that if the author’s model is not disconfirmed there are also other 
legitimate alternative explanations that may not be disconfirmed. This observation raises a point that 
model modification is not only a reasonable step in covariance structure modeling but may also be a 
necessary one, particularly in exploratory studies.    
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CHAPTER 4 
RESULTS AND FINDINGS 
Introduction 
 In this chapter the results of the quantitative analyses are presented. The chapter is structured in 
the following manner. First the descriptive statistics are presented, including the discussion of the tests 
of assumptions of normality, equal variance, and independence. Next, the results of the all-subsets 
regression are reviewed. Then, the test of the measurement model is discussed followed by the 
discussion of structural model test, along with model modification outcomes.  
Summary and Descriptive Statistics 
 The seven hypothesized relationships—described in chapter three and depicted in the structural 
model in Figure 4—were tested with structural equation modeling using AMOS software. The survey 
was administered both online and using paper and pencil when accessible. The total accessible 
population for the study consisted of those individuals who have completed training classes within 
their organization. The organization, from which the sample was collected, was a large engineering 
and procurement company with over 25,000 employees around the world. Training classes included 
craft training, corporate training classes, accounting practices, financial training, first aid and safety 
training, HR practices, hazardous materials, excel and other software training.    
The survey was administered within 5 days after the training completion. If the survey was not 
returned within 5 days after administration, new respondents were identified through a corporate 
learning management system and the administration process was repeated. In total 450 respondents 
were contacted. The returned and completed surveys came from 290 respondents for a response rate of 
64%. After listwise deletion, the usable sample size was 252. Because the survey consisted of 155 
questions, no additional demographics were collected to minimize the chance of non-response.  
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 The learning measure was included in the survey to control for learning influences on the intent 
to transfer in the structural equation modeling process. Only 60 respondents indicated their passing 
grade or score for the final test in the training program. These respondents participated in the craft 
training program, which required a final assessment of knowledge in the given craft. The rest of the 
respondents underwent corporate training, which—for the most part—did not include a final 
assessment of knowledge. In those cases where a knowledge assessment was included, it was 
administered informally and no final grade was given to training participants. Because so few 
respondents—about 20 percent—indicated their score on the knowledge assessment it was decided to 
exclude the learning measure from the analysis. There were two reasons that justified this decision. 
First, the listwise deletion in the analyses would have resulted in 60 valid observations, because those 
were the only observations with the learning measure. This sample size would not be sufficient for 
structural equation modeling because according to Hair et al (2006) a sample size over 100 
respondents is required. The difficulty of accessing and obtaining the sample needed for the analysis 
justified the exclusion of this one control variable. Second, because the nature of the craft training 
program is very different from that of the rest of the corporate training programs in the study, 
comparing their learning measure to the rest of the sample would not be meaningful. The craft training 
program was very structured, lasted for an extended period of time, and included an objective and 
specific evaluation of knowledge and skills. Job tenure and future career track specifically depended 
on the success in the class while there was no such structure and requirements in the corporate training 
programs. Therefore the learning measures—even if they were available—would not be valid across 
the whole sample.   
Examination of normality was conducted using historgrams, skewness and kurtosis statistics. In 
addition AMOS provides a test of normality for each construct in the model and an overall test of 
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multivariate normality. The test of multivariate normality showed a deviation with a critical ratio of 
65.67. Several minor deviations from normality were detected in the distribution of Neuroticism, Self 
efficacy, and a few LTSI constructs. The most important observation was regarding the distribution of 
the intent to transfer. The distribution of this variable manifested a strong left skew indicating a strong 
deviation from normal distribution. Attempts to transform the variable using several different 
transformation methods including log transformation, square transformation and fourth root did not 
improve the distribution of the intent to transfer construct. 
 In SEM one way to handle non-normal data is to use Asymptotic Distribution Free (ADF) 
estimator. The use of ADF requires sample sizes that exceed at least 1000 cases and small models due 
to the computational requirements of the estimation procedure (Browne, 1982). Considering the 
available sample this option was not viable. It was therefore decided to proceed with the analysis while 
acknowledging the possible implications of the non-normal data. It is important to consider the 
implications of non-normal data for structural equation modeling. The literature is not completely clear 
on this issue. Ullman (1999) states that non-normal data may lead to inflation of chi-square statistic 
and deflation of parameter estimates. Pedhazur (1997) speaks about adverse effects of non-normal data 
but also points out that they are not overly severe for most multivariate analyses.  
Means and standard deviations for the composite scale scores used in the regression analyses 
are reported in Table 1. Correlations for all constructs used in the study are presented in Appendix E.  
Table 1: Means and Standard Deviations, Skewness and Kurtosis Values for the Composite Scores of 
the Scales Used in the Study  
  Descriptive Statistics 
Measure 
  
N Mean 
Std. 
Deviation Skewness Kurtosis 
NEO-FFI Subscale       Statistic 
Std. 
Error Statistic 
Std. 
Error 
  Neuroticism 252 2.2854 0.47484 0.438 0.153 2.234 0.306 
  
Conscientiousness 252 4.002 0.41623 -0.079 0.153 0.9 0.306 
  Extraversion 252 3.5856 0.43006 -0.047 0.153 0.932 0.306 
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(table 1 continued) 
  
Openness  to 
experiences 
252 3.1974 0.41745 -0.051 0.153 0.951 0.306 
Goal 
Orientation 
                
  
Learning Goal 
Orientation 
252 4.0317 0.45569 0.327 0.153 0.771 0.306 
Self 
Efficacy 
                
  Self Efficacy 252 4.0972 0.41327 0.721 0.153 0.927 0.306 
LTSI 
Factors 
                
  
Learner Readiness 252 3.623 0.655 -0.296 0.153 0.301 0.306 
  
Motivation to transfer 252 3.9831 0.60662 -0.6 0.153 1.411 0.306 
  
Performance 
Outcomes Positive 
252 2.8836 0.69821 0.137 0.153 0.567 0.306 
  
Performance 
Outcomes Negative 
252 2.9782 0.65025 -0.055 0.153 0.301 0.306 
  
Perceived Capacity to 
Transfer 
252 3.3363 0.6531 -0.382 0.153 0.065 0.306 
  Peer Support 252 3.6151 0.61614 -0.13 0.153 0.606 0.306 
  
Supervisor Support 252 3.2659 0.78813 -0.283 0.153 0.531 0.306 
  
Supervisor Sanctions 252 2.3347 0.57273 -0.058 0.153 0.25 0.306 
  
Perceived Content 
Validity 
252 3.6389 0.65126 -0.396 0.153 0.923 0.306 
  
Training Design 252 3.9355 0.58369 -0.431 0.153 1.358 0.306 
  
Opportunity to Use 
Learning 
252 3.7044 0.57453 -0.469 0.153 0.841 0.306 
  
Transfer Effort 
Performance 
Expectations 
252 3.9593 0.52534 -0.679 0.153 2.509 0.306 
  
Performance 
Outcomes 
Expectations 
252 3.5183 0.61182 -0.334 0.153 0.924 0.306 
  
Resistance/Openness 
to Change 
252 2.5073 0.58935 0.31 0.153 1.109 0.306 
  
Performance Self 
Efficacy 
252 3.9573 0.48679 -0.097 0.153 1.092 0.306 
 71
(table 1 continued)
  
Feedback/Performance 
Coaching 
252 3.2937 0.5997 -0.182 0.153 0.818 0.306 
Intent To 
Transfer 
                
  
Intent to Transfer 252 6.2143 0.97821 -1.653* 0.153 2.965 0.306 
  
Valid N (listwise) 252 
            
 
* This value indicates a deviation from normality. Normally distributed variables have skewness equal 
to 0.  
 
All-Subsets Regression 
 As discussed in chapter three, Transfer climate was included in the model to control for 
environmental influences. Transfer climate variables were measured using the Learning Transfer 
System Inventory (Holton et al., 2000). The instrument measures 16 constructs so it was important to 
identify which of these sixteen explained the most variance in intent to transfer. This would reduce the 
number of variables in the model and the number of parameters to be estimated thus preserving relative 
parsimony of the model. 
 All-subsets multiple regression was used to identify the best possible model for Transfer 
Climate factors. All-subsets regression allows testing every possible set of predictors of Y variable, 
starting from the model with intercept only to the model with all predictors. Because each predictor of 
the P can be included or excluded independently of the other predictors, there are P binary choices and 
2p different sets of predictors that can be formed (Pedhazur, 1997). 
LTSI constructs were grouped in four theoretically established categories: Ability, 
Environmental Factors, Motivation, and Secondary Factors. According to Holton and Bates (1996), 
ability scales consist of four factors including training design, opportunity to use learning, personal 
capacity for transfer, and perceived content validity. Motivation scales consist of three factors, 
including motivation to transfer, transfer effort performance expectation, and performance outcomes 
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expectations. Environmental scales contain seven factors, including peer support, supervisor support, 
supervisor sanctions, performance outcomes positive, performance outcomes negative, 
resistance/openness to change, and feedback/performance coaching. Secondary factors consist of two 
factors—performance self efficacy and learner readiness.  
Factors in each category were regressed on intent to transfer to determine the best possible 
model. From each category of transfer climate factors the following emerged as the most important 
predictors based on percent of variance explained: peer support, learner readiness, performance 
outcomes positive, performance self efficacy, opportunity to use learning, motivation to transfer, and 
training design. The model explained 37% variance in the intent to transfer. Table 2 includes the 
results of the all-subsets regression analysis for this particular set of predictors. 
Table 2: All-subsets Regression Results for the Predictors from all Domains of Transfer Climate 
Factors 
Model  Variable Adjusted R2 F Significance 
1 a*       
2 b** 0.372 22.213 0.001
* a – constant 
**b - peer support, learner readiness, performance self 
efficacy, performance outcomes positive, opportunity to 
use, motivation to transfer, training design 
 
 The advantage of the all-subsets regression is that it explores and tests all possible models with 
the chosen predictors excluding and including them independent of the other predictors. For the seven 
predictors chosen for the final all-subsets regression test, it calculated 128 regression equations. After 
examining each equation for significance, percent of variance explained, and significance of 
standardized beta coefficients, it was determined that the model with learner readiness and motivation 
to transfer explained 37 percent of variance in the intent to transfer. The full model with seven 
predictors explained 39 percent of variance. However in the larger model standardized beta 
coefficients were significant only for learner readiness and motivation to transfer. In addition the F 
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value in the more parsimonious model with two predictors was much higher (F = 72.4) than in the 
model with seven predictors. Therefore the incremental variance added by the predictors other than 
learner readiness and motivation to transfer was not meaningful and it was decided that a more 
parsimonious model should be utilized for control purposes in the study. This is appropriate because 
our only purpose for including transfer climate in our model is to control for variance explained by 
climate, not to develop a causal model of the climate factors.  
Table 2.2 shows the regression results for the model with learner readiness and motivation to 
transfer.  
Table 2.2: All-Subsets Regression Results for the Model with Learner Readiness and Motivation to 
Transfer 
Model  Variable Adjusted R2 F Significance
1 a*       
2 b** 0.363 72.425 .001
a* constant  
b** motivation to transfer, learner readiness  
 
 As shown in Table 2.2, Motivation to Transfer and Learner Readiness explained the highest 
percent of variance in the intent to transfer. In addition the model above yielded the highest F value (F 
= 72.425). Therefore, these two constructs were included as two Transfer Climate latent variables in 
the overall measurement model. 
SEM Procedure 
 Following the recommendations of Hair et al (2006), a two-step approach to SEM was 
employed. First, the measurement model with all indicators was tested. Once the measurement model 
was properly specified, the structural model with hypothesized links was tested. Figure 3 depicts the 
full measurement model with covariances for each latent variable and all indicator variables.  
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 Figure 3: Full Measurement Model with Indicators 
 
 The test of the measurement model is conducted using the confirmatory factor analysis (CFA). 
Factor loadings and the presence of significant paths from the factors to the items serve as 
confirmations of the factors in the model. According to Hair et al. (2006), factor loadings greater than 
or equal to .30 meet the minimal level of acceptance; loadings of .40 are considered more important 
while loadings of .50 or greater are considered significant and important.    
Test of the Measurement Model  
 The confirmatory factor analysis (CFA) in AMOS 16 was used to test the measurement model. 
Because NEO-FFI is a well established and validated instrument it was decided that it would not be 
tested in the measurement model (Hair et al., 1998). Therefore, the measurement model consisted of 
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five latent variables with their indicators and error terms. The measures were: the Intent to Transfer 
scale with four indicators; the Learning Goal Orientation scale with four indicators; Self-efficacy scale 
with eight indicators; and the Motivation to Transfer and Learner Readiness scales from the LTSI with 
four indicator variables each.  
    Following the Hair et al. (2006) criteria for factor loadings, the factor analysis confirmed the 
five hypothesized factors. Factor loadings ranged from .35 to .919 and all items loaded on the 
appropriate factors. One indicator variable of Learning Goal Orientation (LGO) and one indicator 
variable of Learner Readiness had loadings below the recommended level. One item belonging to 
Learning Goal Orientation scale had a loading of .35, which is at the minimum acceptable level. An 
item belonging to Learner Readiness scale had a loading of .45, which is within the acceptable range 
but is significantly lower than the other three indicators in the scale. The fit statistics are presented in 
Table 3. Hair et al. (2006) recommend reporting several fit statistics. CFI and RMSEA provide ways to 
compare the improvement of fit of researcher’s model over a more restricted model (CFI) and correct 
for model complexity (RMSEA). In addition, chi square statistic is the most direct test of model fit to 
data and is normally reported (Hair et al. 2006). However due to its sensitivity to sample size it is 
important to report it along with other fit indices. Each table presenting the results of the structural 
equation modeling will present CFI, RMSEA and chi square.   
As shown by the fit indices the fit was considered adequate but improvements in fit could potentially 
be made if the two items identified as those with low loadings were removed.   
The measurement model was therefore recalculated without the fourth item in the Learning 
Goal Orientation scale. There was a slight improvement in the model fit as indicated by the fit indices 
in the Table 3.1.  
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Table 3: Initial Fit Indices for the Measurement Model  
Model CFI RMSEA Chi Square df
Default 
model 0.938 0.062 
472.559 
242(p < .001) 
Saturated 
model 1       
Independence 
model 0 0.232     
 
Table 3.1: Fit Indices for the Measurement Model with Item 4 Dropped from Learning Goal 
Orientation Scale 
Model CFI RMSEA 
Chi 
Square Df
Default 
model 0.94 0.063 
441.9
220(p < .001)
Saturated 
model 1       
Independence 
model 0 0.241     
 
 According to Hair et al. (2006), for sample sizes of more than 250 the acceptable CFI is .92 or 
higher and RMSEA below .08. Dropping the Learner Readiness scale item with a loading of .484 was 
not justified since it is within the acceptable loading range and the fit obtained in the measurement 
model was considered satisfactory. This model was selected as a final measurement model (figure 3.1). 
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Figure 3.1: Final Measurement Model 
 
Test of the Structural Model  
 Once the measurement model was confirmed the next step was to test the structural model. The 
test of the structural model involves a model of the hypothesized relationships among the latent 
constructs (Anderson & Gerbing, 1988). When evaluating the structural model, fit indices are 
evaluated along with the statistical significance of the parameter estimates for each path. The full 
structural model is presented in Figure 4.  
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 Figure 4: The Complete Structural Model 
 The structural model included nine hypothesized paths. These are associated with the numbers 
assigned to propositions listed in chapter two.  
 Proposition 1: Learning Goal Orientation to Intent to Transfer 
 Proposition 2: Self-Efficacy to Learning Goal Orientation 
 Proposition 3: Conscientiousness to Intent to Transfer 
 Proposition 4: Openness to Experience to Learning Goal Orientation 
 Proposition 5: Conscientiousness to Learning Goal Orientation 
 Proposition 6: Neuroticism/Emotional Stability to Intent to Transfer 
 Proposition 7: Extraversion to Learning Goal Orientation 
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Additional paths from Climate variables to Intent to Transfer were not included in propositions 
but were included in the model as control variables. The Climate variables Learner Readiness and 
Motivation to Transfer add two more paths to the model.  
 Path 8: Learner Readiness to Intent to Transfer 
 Path 9: Motivation to Transfer to Intent to Transfer.  
The hypothesized structural model consisted of two endogenous constructs—Learning Goal 
Orientation and Intent to Transfer. The remaining constructs were all exogenous latent constructs. 
These included: Self efficacy, Extraversion, Conscientiousness, Openness to Experience, Neuroticism, 
Motivation to Transfer, and Learner Readiness.  
  The NEO-FFI constructs were included as single indicator constructs. This is an acceptable 
practice with valid measures, because it allows minimizing the number of parameters to be estimated 
and helps model parsimony (Hair et al., 1998). The indicators were obtained as a composite from all 
items belonging to a given scale. The item responses were averaged and the mean was used as a single 
indicator. The NEO-FFI parameters were set as free. According to Hair et al. (2006), when a single 
indicator is used for a latent construct, the error variance is set to one minus the reliability of the scale 
times the variance. This is one of the best ways of estimating the measurement error. The reliability of 
the NEO-FFI scales was obtained from the NEO PI-R Professional Manual (Costa & McCrae, 1992). 
The variance was calculated from the sample. The reliability, variance, and error variance are 
presented in Table 4.  
Table 4: Reliability, Variance and Error Variance of the Five Factor Model Variables 
Scale Reliability  Variance Error Variance 
Neuroticism  0.86 0.225 0.00315
Extraversion 0.77 0.185 0.04255
Openness 0.73 0.174 0.04698
Conscientiousness  0.81 0.173 0.03287
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The initial fit of the structural model was less than desired and several paths were not 
significant. The fit indices are presented in Table 5.  
Table 5: Fit Indices for Initial Structural Model 
Model CFI RMSEA Chi Square df
Default 
model 0.897 0.072 
722.2
312(p < .001)
Saturated 
model 1       
Independence 
model 0 0.213     
 
The insignificant paths included LGO to Intent to Transfer (p = .420), Extraversion to Intent to 
Transfer (p = .095) and Neuroticism to Intent to Transfer (p = .777). All paths with parameter estimates 
and significance levels are presented in Table 6. 
Table 6: Standardized Parameter Estimates for the Initial Structural Model 
Path  Estimate p value 
Learning Goal Orientation <--- Self Efficacy 0.714 ***
Learning Goal Orientation <--- Openness to Experience 0.137 0.022
Learning Goal Orientation <--- Conscientiousness 0.265 ***
Intent to transfer <--- Motivation to Transfer 0.609 ***
Learning Goal Orientation  <--- Extraversion 0.036 0.617
Intent to transfer <--- Conscientiousness 0.162 0.027
Intent to transfer <--- Neuroticism 0.009 0.892
Intent to transfer <--- Learner Readiness 0.132 0.044
Intent to transfer <--- Learning Goal Orientation -0.067 0.256
*** The probability of getting a given critical ratio in absolute value is less than 0.001 
 
 Modification indices indicated significant changes possible in the chi square statistic if 
additional paths were included. Addition of covariance paths from Self Efficacy to Conscientiousness 
and from Self Efficacy to Extraversion would result in the chi square drop of 47.023. In addition such 
modification is supported by the literature. For example Hartman and Betz (2007) found a strong 
relationship between conscientiousness, extraversion, and a wide range of self-efficacy domains. The 
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structural model was therefore modified and two covariance paths were added. Figure 4.1 shows the 
modified structural model.  
 
Figure 4.1: Modified Structural Model 
Adding the covariance paths between Self Efficacy and Conscientiousness and Self Efficacy 
and Extraversion improved the model fit. The fit indices for the modified model are presented in the 
Table 7.  
Table 7: Fit Indices for Modified Structural Model 
Model CFI RMSEA Chi Square df
Default 
model 0.926 0.062 
605.9
309
(p <.001)
 
Saturated 
model 1       
Independence 
model 0 0.213     
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 The modified model yielded a much better fit. CFI increased from 0.89 to 0.926.  In addition 
error variance was reduced as indicated by the RMSEA, which decreased from 0.072 to 0.062. 
According to Hair et al (2006), for samples over 250 this indicates an acceptable and satisfactory fit.   
At the same time the several paths that were previously not significant still remained not 
significant. These paths were from Learning Goal Orientation to Intent to Transfer, from Extraversion 
to Learning Goal Orientation and from Neuroticism to Intent to Transfer. Therefore, three propositions 
presented in chapter two were not supported. 
Proposition one, regarding the relationship between learning goal orientation and intent to 
transfer, was not supported by the model since the path was not significant. The second proposition, 
suggesting that the relationship between self-efficacy and intent to transfer is mediated by learning 
goal orientation, was not supported. However the path between self efficacy and learning goal 
orientation was significant (p < 0.01). Proposition three, which was about the relationship between 
intent to transfer and conscientiousness, was supported. The path was significant (p = 0.05). 
Proposition four regarding the partial mediation of the conscientiousness and intent to transfer 
relationship by learning goal orientation was not supported because learning goal orientation did not 
manifest a significant relationship with the intent to transfer. Proposition five stated that openness to 
experience relationship to intent to transfer would be mediated by learning goal orientation. The path 
between openness to experience and learning goal orientation was significant (p = 0.01). However the 
mediation hypothesis was not supported. Proposition six, regarding the relationship between emotional 
stability and intent to transfer, was not supported. Finally, proposition seven, regarding the relationship 
of extraversion to intent to transfer, was not supported. The Transfer Climate variable learner readiness 
was significantly and positively related to intent to transfer (p = .046), while motivation to transfer to 
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intent to transfer path was significant (p < 0.01). The parameter estimates for the modified structural 
model are presented in Table 8. 
Table 8: Standardized Parameter Estimates for the Modified Structural Model   
Path Estimate p value 
Learning Goal 
Orientation <--- Self Efficacy 0.638 *** 
Learning Goal 
Orientation <--- Openness to Experience 0.128 0.017 
Learning Goal 
Orientation <--- Conscientiousness  0.223 0.003 
Intent to transfer <--- Motivation to Transfer 0.614 *** 
Learning Goal 
Orientation <--- Extraversion 0.026 0.698 
Intent to transfer <--- Conscientiousness 0.182 0.05 
Intent to transfer <--- Neuroticism 0.011 0.861 
Intent to transfer <--- Learner Readiness 0.131 0.046 
Intent to transfer <--- Learning Goal Orientation -0.099 0.234 
 *** The probability of getting a given critical ratio in absolute value is less than 0.001 
 
 The proposed model therefore was only partially supported. However the main proposition 
suggesting that goal orientation is the central construct in the model of dispositional influences on 
intent to transfer was not supported. Figure 5 shows the final model with parameter estimates. Only the 
parameter estimates for the significant paths are shown. The results will be discussed further in chapter 
five. 
 Overall, 48 percent of variance was explained in the dependent variable by all its predictors. 
Because conscientiousness, motivation to transfer and learner readiness were the only significant 
predictors in the model, they explained 48 percent variance in the intent to transfer leaving 52 percent 
to error variance. Interestingly, conscientiousness explained only 10 percent of variance in the intent. 
Approximately 38 percent of variance was explained by the control factors- motivation to transfer and 
learner readiness. Motivation to transfer by itself explained 35 percent with learner readiness adding 
another three percent in explanatory power. Learner readiness was a significant predictor despite 
adding comparatively little to the model. Conscientiousness explaining 10 percent variance in the 
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dependent variable is therefore the only dispositional variable in the model with explanatory power. 
This is a consistent finding with other research (e.g. Barrick & Mount; Chiaburu & Marinova, 2005), 
which found significant relationship between transfer and conscientiousness.   
 
 
Figure 5: Final Structural Model with Coefficients   
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Table 9: Standardized Direct Effects of the Variables in the Model with Significant Paths to Intent to 
Transfer 
 Variable Name Learner Readiness Conscientiousness Motivation to Transfer 
Learning Goal 
Orientation 
0 0.234 0 
Intent to Transfer 0.132 0.209 0.603 
 
Note on Model Modification 
 Ullman (2006) suggests that there are two reasons for model modification: to test hypotheses 
and to improve fit. The modification for the purpose of improving the fit is a controversial subject in 
the literature. There is a very real danger that the model modification will capitalize on chance 
variations in the data (Ullman, 2006). In addition, tests of alternative or modified models will not 
necessarily reveal the “true model” if the present model is in fact incorrect. Ullman (2006) emphasized 
that if the model modifications are done in hopes of developing a good fitting model, as few as 
possible modifications should be done. In addition, suggested modifications strongly call for cross-
validation sample.  
The last model tested in this study manifested a relatively good fit to data. It is therefore 
unreasonable and unnecessary to make other model modifications within the limits of this study for the 
sole purpose of improving fit. All other modifications should be based on theoretically supported 
hypotheses in order to test and find the “correct” model and therefore should be done as separate 
studies.   
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CHAPTER 5 
DISCUSSION AND CONCLUSIONS 
Introduction 
 This final chapter reviews the research problem, methodology, and analyses. Then the findings 
and their implications are discussed in the order of the propositions stated in chapter two. Following 
the discussion of the findings are the limitations of the study. Finally the recommendations for future 
research are presented.  
Summary 
 The goal of this study was to empirically test a hypothesized model of relationships between 
personality traits and characteristics to transfer of training. This study set out several propositions 
attempting to describe the complex system of dispositional influences on transfer. Learning goal 
orientation was hypothesized as the central construct that fully or partially mediated the relationship 
between other dispositional influences including self efficacy, the Big Five personality constructs, and 
the intent to transfer learning on the job. A causal model was therefore hypothesized and presented for 
these constructs.   
 Participants completed a survey instrument designed to measure dispositional constructs—
including conscientiousness, extraversion, openness to experience, neuroticism, self-efficacy, and 
learning goal orientation—and measure transfer climate variables and intent to transfer. Listwise 
deletion resulted in the final sample size of 252.  
 A two-step approach to structural equation modeling recommended by Hair et al (2006) was 
employed to test the causal relationships between variables within the hypothesized model. The first 
step involved the test of the measurement model with all indicator variables linked to the latent 
constructs. This step is a confirmatory factor analysis intended to confirm the validity of the measure 
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used in the study. The second step involved the test of the structural model which included all 
hypothesized relationships.  
 The structural model test showed an acceptable fit but only partially supported the 
hypothesized model. The following propositions were supported by the test of the structural model: 
Proposition 3: Conscientiousness will be positively related to intent to transfer. 
Despite the adequate fit, several paths were not significant and therefore the following 
propositions were not supported by the test of the model: 
Proposition 1: Learning goal orientation will be positively related to the intent to transfer.  
Proposition 2:  Learning Goal Orientation will mediate the relationship between Self-efficacy 
and training transfer. 
Proposition 5: Learning goal orientation will partially mediate the relationship between 
conscientiousness and intent to transfer. 
Proposition 4: Learning goal orientation will mediate the relationship between openness to 
experience and intent to transfer.  
Proposition 6: Emotional stability will be positively related to intent to transfer.  
Proposition 7: Extraversion will be positively related to learning goal orientation.  
Discussion 
 Before we get into the discussion of the test of the model it is important to address the results of 
the all-subsets regression. The Transfer Climate variables fall into four categories: Ability factors, 
Motivational factors, Environmental factors, and General factors. The constructs in each category that 
explained the most variance in the intent to transfer were included in the final regression model. This 
regression model included peer support, feedback, training design, opportunity to use learning, 
motivation to transfer, performance self efficacy, and learner readiness. The model explained 37% 
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variance in the intent to transfer. Upon further examination of the all-subsets regression results, it was 
determined that learning readiness and motivation to transfer explained almost as much variance in the 
intent to transfer as all seven factors included in the initial model. In addition, both factors had 
significant standardized beta coefficients and produced a much higher F value than in the initial model.    
 A learning measure was supposed to be included in the model as a control variable. It proved to 
be virtually impossible to collect this measure. In the corporate training setting, learning is not 
measured frequently. Adult learning principles of retention emphasize the practice of learned content. 
However, it does not mention a test of learning as anything critical. It is possible that trainers do not 
use a learning measure as it may take away from the atmosphere of trust and respect where trainees 
and the trainer are equal and all bring a wealth of experience to the table. However, avoiding 
knowledge tests may create more problems than it solves. Learning is one of the outcomes of training 
that is crucial to the success of the program. It is also useful to indicate any necessary modifications to 
the delivery of the class. It is well known that transfer of training cannot occur without learning taking 
place. In some corporate training programs final knowledge tests are simulated and the trainer reviews 
questions on content and understanding with the whole group, but the majority of classes did not have 
any measure of learning at the conclusion of the program. This, in itself, becomes an interesting 
finding for the practitioner and the researcher. The influences of final tests on adult learners should be 
investigated by adult learning research. Practitioners should consider the importance of a learning 
measure and include it in their program design.   
Measurement and Structural Models 
Since the analyses consisted of two steps—test of the measurement model and test of the 
structural model—it is essential to note and discuss the findings at each step of the analyses. The 
measurement model test was done to confirm that all indicator variables loaded on the relevant 
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constructs. Then the structural model test was done to test the hypotheses of relationships between 
constructs.    
The Measurement Model 
The confirmatory factor analysis confirmed that all indicator variables loaded on appropriate 
constructs except one item on the learning goal orientation construct. The learning goal orientation 
comprised of four items had a low loading for item four. The item said “For me, development of my 
work ability is important enough to take risks.” This item was therefore dropped and this resulted in a 
slight increase in model fit. Vandewalle’s (1997) scale has undergone several validation studies and 
boasts better psychometric properties than another popular measure of Learning Goal Orientation by 
Button et al. (1997). Hafsteinsson et al (2007) compared the two measures, and they caution that the 
short scales in Vandewalle’s measure place an added burden on the psychometric properties of each 
individual item in each scale. The Learning Goal Orientation scale consists of four items and has 
shown an internal consistency measure of .89 (Vandewalle, 1997). It is possible that the nature of the 
sample drawn from corporate training participants introduced some added variance due to the 
corporate culture. For instance, if risk taking is not encouraged in the organization and is not viewed 
positively and as a way to personal and professional growth respondents may have associated the item 
with some other less important or favorable concept. In addition the item may have evoked thoughts 
about risk-taking and not about mastery of the learning material. Risk-taking may be a completely 
separate psychological construct and the item that seems to relate more to risk-taking, therefore didn’t 
load on a learning goal orientation construct.  
 The learner readiness construct had an item loading of .49. The item read “Before the training, I 
had a good understanding of how it would fit my job-related development.” This item may differ from 
the other three items in the scale because it focuses on a different type of outcome for an individual. 
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The item in question brings up a notion of job-related development. Perhaps some respondents did not 
conceptualize the job-related development as one of the training outcomes. Perhaps training outcomes 
and expectations of the class were associated more with short term changes in the way the job was to 
be done. Job-related development may be ultimately perceived as an individual intrinsic concept as 
opposed to potential changes in the daily tasks. Another alternative explanation may be that training 
was not perceived as something that would affect such a long lasting phenomenon as job-related 
development. Instead it was perceived as a relatively insignificant program that was a requirement and 
not something that will result in long term change. Therefore the item did not trigger the same 
perceptions as the other items in the scale that were more general and addressed general awareness of 
what to expect from the program. The difference among these items is ultimately a supposition and 
other studies may show higher loadings for this item. Because the LTSI has undergone extensive 
validation process in the United States and in other countries and this item hasn’t showed reasons for 
deletion or modification in other studies, it was decided to keep it in the scale.  
The Structural Model 
Learning Goal Orientation 
 The most interesting finding that came from the test of the model revealed that learning goal 
orientation has no relationship with intent to transfer. This finding is contrary to some recent studies 
that identified learning goal orientation as a predictor of the transfer of training (e.g. Chiaburu & 
Marinova, 2005; Tziner, Fisher, Senior & Weisberg, 2007). This finding does not negate the influences 
of dispositional variables of the construct because the path from conscientiousness to intent to transfer 
was significant and it explained 10 percent variance in the intent to transfer. However, these findings 
may suggest that the complex system of dispositional antecedents of goal orientation predicting 
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learning goal orientation, which in turn predicts the intent to transfer, is not the appropriate underlying 
model beyond the dispositional influences and transfer.  
 Of all the dimensions of goal orientation—learning, performance-proving, and performance 
avoidance—learning goal orientation seems to be a very important characteristic for a trainee based on 
previous studies. Learning goal oriented individuals persist in the face of failure and focus on mastery, 
while thriving on feedback. Intuitively, such response to environmental and organizational variables is 
very conducive to transfer. Transfer of training often requires overcoming obstacles and persistence on 
the part of the trainee. However, the data analyses in this study show that learning goal orientation is 
not a significant predictor in the model. 
 One possible explanation is that the actual transfer of training was not a dependent variable. 
Instead, its proxy—intent to transfer—was used as a dependent variable. Other studies discussed in 
chapter two have often measured actual transfer several months after training. It is possible that the 
psychological nature of behavioral intent is such that dispositional differences play a much smaller role 
in the system of influences than constructs like social norms and biodata type constructs. Ultimately, 
intent to transfer is a variable of behavioral intent and it is entirely possible that intent variables are 
predicted best using the Azjen et al. (2000) model which includes very few dispositional constructs and 
therefore wasn’t congruent with the goals of this study.  
Mediation Hypotheses 
 The nomological net of the learning goal orientation proposed by Payne et al. (2006) held up 
well in the model. The paths from several variables of the Five Factor model, including 
conscientiousness and openness to experience, to learning goal orientation were significant. It is 
possible that the mediation occurs not between the personality traits and intent, but learning goal 
orientation mediates the personality traits relationship to some other construct, which then influences 
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transfer of training or its proxy intent to transfer. Holton (1996) showed that motivation to transfer is 
an important motivational construct in the transfer system. This construct was also positively related to 
the intent to transfer in this study. In fact motivation to transfer explained the most variance in the 
intent to transfer of all variables included in the model. Motivation to transfer may be the motivational 
construct that is influenced in some way by learning goal orientation, which therefore mediates the 
relationship of personality traits to motivation to transfer. Motivation to transfer then becomes the 
proximal variable that is central in the dispositional system of influences comprised of more distal 
traits and more proximal motivational constructs.  
Conscientiousness   
 Third, because conscientiousness was significantly related to the intent to transfer in terms of 
behavioral intent, conscientiousness is much more important than goal orientation. This supports the 
third proposition of this study. Conscientious individuals are generally described as persistent, 
dependable, and hard-working. Perhaps it is this trait that influences how well an individual copes with 
the environmental obstacles to transfer. Of all the dispositional variables included in the model, 
conscientiousness is the only significant construct related to intent to transfer.  
 This may indicate that we are overcomplicating the system of dispositional influences on 
transfer. The findings in this study may be taken to suggest that introverted and neurotic individuals 
who are not open to new experience and are not self efficacious are likely to intend to transfer as much 
as anyone else as long as they score high on conscientiousness. Eysenck (1967) advocated the role of 
genetics and upbringing in the formation of personality of an individual. Work ethic, which is often 
subsumed under the domain of conscientiousness, may overpower other individual differences 
developed in the individual over the years when it comes to learning transfer. And whereas learning 
 93
goal orientation is a malleable construct, which is much less stable than the Big Five traits, 
conscientiousness is an ingrained trait that is stable and firmly instilled in an individual behavior.  
 The relationship between conscientiousness and the intent to transfer was not partially mediated 
by learning goal orientation. Interestingly, conscientiousness related positively to both learning goal 
orientation and intent to transfer. However, since learning goal orientation did not relate significantly 
to intent, partial mediation did not occur. This is another indicator that learning goal orientation is not 
the central construct in the system as was hypothesized. Since conscientiousness showed significant 
parameter estimates for all its paths it may arguably be one of the most important individual 
characteristics when it comes to intent to transfer. This finding is supported by other studies that 
investigated personality influences on training outcomes (Chiaburu & Marinova, 2005).    
Neuroticism 
Another interesting finding was the lack of significance for  neuroticism path to intent to 
transfer. Neurotic individuals respond poorly to environmental stress, are prone to more anxiety, and 
are more likely to interpret ordinary situations as threatening. On the opposite side of the spectrum, 
emotionally stable individuals are more likely to remain composed and calm in threatening situations 
and cope with stress much more effectively than neurotic individuals. In certain circumstances, 
organizations may have conducive and favorable environments for learning and transfer of new skills. 
More often than not, training transfer involves change in the way an individual does the job, change in 
the surroundings, and resistance not just because of an existing mental schema, but also because of the 
peers’ and supervisors’ potential negative attitudes to the training. It would seem the intention to 
transfer training may be significantly hindered by anxiety and fear that are prevalent in neurotic 
individuals.  
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However the lack of a significant relationship between neuroticism and intent, indicates quite 
the opposite. At least when it comes to the intent to transfer, neuroticism does not seem to play an 
important part in the system of dispositional influences. One explanation may stem from the significant 
skew found in the distribution of the intent to transfer. It is possible that the respondents felt obligated 
to indicate that they all intended to transfer what they learned to avoid possible perceived negative 
consequences. Social desirability may have outweighed any possible anxiety or fear, which may have 
affected the post-training intentions.  
Another reason could be that—just like in the case with learning goal orientation—
conscientiousness is a much more important construct in the system of dispositional influences. In 
other words, intent to transfer comes from work ethic and is influenced by individual persistence much 
more than it is influenced by anxiety or stress.   
Limitations 
 As with any study there were certain limitations in this research that could have inhibited us 
from finding support to our hypotheses and should be avoided in future research. First of all, the 
literature on structural equation modeling is not clear about the recommended sample sizes. Some 
studies recommend collecting data from over 100 respondents while others recommend samples 
nearing 1,000 and above. Chi square and parameter estimates are known to be very sensitive to sample 
size. Perhaps, the sample size of 252 respondents was not sufficient to detect significance in a large 
model like the one proposed in this study.  
 Second, certain deviations from normality, both univariate and multivariate, were detected. 
Such deviations, although common in behavioral sciences research, may influence results by inflating 
chi square and deflating parameter estimates. Sample size also plays a role when such deviations are 
detected because other estimation techniques like generalized least squares or—especially 
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recommended—asymptotically distribution-free estimation is not possible with a sample size of 
several hundred. The deviation from normality may have obscured the significant paths by deflating 
the parameter estimates in this study.  
 Some will argue that the use of surrogate variables such as intent instead of actual behavior is 
not appropriate and study results should not be extrapolated to mean that predictors influence actual 
behavior. In this sense the use of intent to transfer may be seen as a limitation. Transfer of training has 
been notoriously difficult to measure since it requires waiting for extended periods of time for transfer 
to manifest itself. In addition it requires development of a transfer measure which will be 
homogeneous enough to compare transfer across training classes and job environments but at the same 
time customized to the extent that will allow to capture differences from job to job. Because self-report 
measures are typically not very accurate, the best measures of transfer come from supervisor ratings. 
The involvement of the supervisor not only extends and complicates the study but also may increase 
nonresponse and difficulty in reaching a necessary sample size, because respondents may be more 
cautious and fearful about getting negative ratings from the supervisor.  
 Common method variance may be another limitation in the study. The instrument was 
distributed within an organization by the researcher who was also a part of the organization. Some 
constructs in the instrument, such as intent to transfer, self-efficacy, and goal orientation, and some 
LTSI variables may have been subject to the effects of social desirability or other response biases. 
Such effects may explain higher means on intent to transfer and conscientiousness scales. 
 The organization in which the researcher administered the survey is divided into several 
business units. These business units are very independent and the authority of one unit does not cross 
into the other. One of these business units refused to participate in the study because of the potential 
losses in work time and productivity which may have resulted from employees spending thirty minutes 
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at work responding to the survey. This restricted the accessible population and therefore may have 
restricted variability in the scores.  
 Finally, we were unable to collect the learning measure which prevented us from controlling 
for learning in the test of the model. Therefore, it is impossible to attribute all effects to the 
dispositional variables entirely without testing the model with learning measure as a control variable.  
Recommendations for Future Research 
 The recommendations for future research can be grouped in two major categories based on the 
outcomes of this study. First, there are several research directions for dispositional variables model 
including the existing variables. Second, the alternative model research can lead to the test of similar 
models but with alternate central constructs. 
Modifications of the Existing Model 
 The proposed model included a number of paths that were mediated by learning goal 
orientation and some that were directly linked to the intent to transfer. It would be interesting to 
examine the same variables but with a different sample. In view of the normality issue it would be 
interesting to replicate this study with a sample that does not violate the assumptions. In addition, a 
larger sample size may produce much more conclusive and interesting results.  
Most importantly, it is critical to attempt to fit this model to transfer of training, and not its 
surrogate variable, intent to transfer. Such a modification may produce completely different findings 
since the actual behavior is measured. Intent is not a lasting phenomenon and it is subject to influences 
from many sources. It may disappear or change in a very short timeframe. Instead, transfer of training 
is an actual observable behavior, which is more likely to be maintained over time. It is entirely possible 
that intent is not driven by learning goal orientation while the actual behavior is.    
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With these modifications in mind, future research should examine direct paths to transfer, 
instead of being mediated by another variable. Self-efficacy has been shown to be related to perceived 
transfer in other studies (e.g., Chiaburu & Marinova, 2005; Switzer et al. 2005). Barrick and Mount 
(1991) presented a number of studies in their meta-analysis linking extraversion, neuroticism, and 
agreeableness to training proficiency. Perhaps removing goal orientation and leaving only direct paths 
from dispositions to intent to transfer will reveal stronger relationships. 
 Another alternative would be to examine a much simpler model with self-efficacy, 
conscientiousness, openness to experience, and goal orientation, while using actual transfer as a 
dependent variable. Structural equation modeling is ideal for identifying the most parsimonious model 
to support a given theory. A test of a simpler model may reveal stronger relationships and expose a 
simpler framework for the system of dispositional influences on transfer.          
 In light of the previous discussion about the role a motivational construct may play in relation 
to learning goal orientation, it is important to research the relationship of learning goal orientation to 
other constructs that may influence transfer. For instance, the control variable motivation to transfer 
may just be that missing link. An alternative model could then explore the paths from all dispositional 
variables of the Five Factor model to learning goal orientation, with a hypothesized path from learning 
goal orientation to motivation to transfer. The justification for such modification becomes clear when 
one considers the link between the goal-related constructs and motivation. Herold et al. (2000) 
discussed motivation in terms of different goals individuals set and how persistent they are in 
achieving those goals. Learning goal oriented individuals will set mastery related goals and will stick 
to them due to the psychological nature of the construct. This may in turn result in higher motivation to 
transfer learning on the job.  
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Research with Alternative Models 
 The most obvious research direction is to explore the alternative dispositional constructs in the 
center of the model. Learning goal orientation is only one facet of the goal orientation construct. 
Additional models with other goal orientation facets can be tested to identify whether performance 
goal orientation is more important in achievement situations. Because transfer is an achievement 
situation and can be rewarded or bring about negative outcomes, performance goal orientation may be 
influential in this context.  
 Since the dependent variable of interest in this study is intent to transfer it is possible to resort 
to the test of the model with predictors based on the theory of planned behavior (Azjen & Fishbein, 
1977). The theory is based on several important factors: Attitudes towards behavior; behavioral beliefs, 
which are consequences of previous experiences; subjective norms and perceived behavioral control. 
Whereas investigating this alternative model takes the researcher further away from dispositions, 
dispositions may still have a role in this model. Ultimately, perceived behavioral control can be 
expressed as locus of control, which is a dispositional characteristic that has not been explored in this 
study. Attitudes toward behaviors may be in part influenced by personality differences. For example, 
neurotic individuals may exhibit more negative attitudes to certain work behaviors than emotionally 
stable individuals. In other words, dispositions still remain in the system of influences but become 
more distal whereas the planned behavior factors take a more proximal position to transfer.  
 One other important direction in transfer research, which involves dispositions, may be to look 
at the interaction of the environment in an organization and dispositional differences. In other words 
dispositional characteristics may influence transfer and intent to transfer in situations where the 
environment is negatively influencing training outcomes. In situations where resistance to change and 
various barriers to transfer exist, such dispositions like conscientiousness and emotional stability may 
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manifest themselves as significant predictors of transfer. Whereas in positive environments, which are 
conducive to transfer the significance of dispositions may be suppressed. Research that examines the 
interaction of personality and organizational environment is often referred to as research on fit. This 
research focuses on the way individuals may pick organizations based on their specific personality 
types and dispositional characteristics. “Lack of fit” results in poor performance and dissatisfaction, 
whereas “perfect fit” leads to positive individual and organizational outcomes (Pervin, 1968). Whereas 
most research on fit focuses on organizational level variables, the recommendation to focus the fit 
research specifically on transfer. The application of these theories to training outcomes and transfer 
may lead to more fruitful findings.      
Conclusions 
 It is important to note that the findings of this study do not attempt to undermine the 
importance of the dispositional differences overall. In this study the focus is only on one job related 
construct—intent to transfer training. With caveats mentioned earlier in mind, it is entirely possible, 
and mandated by the data, to suggest that personality influences on transfer may be limited exclusively 
to conscientiousness. Adding other dispositional variables to the system may be overemphasizing the 
role of personality based on our assumptions. It is logical to think, for example, that neurotic 
individuals will be much more responsive to stressful organizational environments, negative feedback 
from peers and supervisors, and change in general. This study’s findings suggest that it is largely 
irrelevant in the transfer system. The same can be said for openness to experience, extraversion, and 
even self efficacy. Overall, all these variables explained about 10% of variance in the intent to transfer, 
with conscientiousness being the only significant variable. The logical extrapolation then becomes that 
as long as training participants are hardworking and have high work ethic, from the personality 
standpoint they should all have equal intention to transfer knowledge on the job. But the findings in 
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this study indicate that environmental variables explain much more variance in the intent than 
dispositional variables. This then leads to the conclusion that personality differences are largely 
overshadowed by environmental, motivational, and organizational variables. Specifically, in the “tug 
of war” between dispositions and situation, the latter clearly comes out a winner. The importance of 
organizational culture, climate, and training design outweighs the importance of individual traits and 
characteristics.     
 The test of the model shows that Payne et al. (2006) model of goal orientation and its 
antecedents holds true. The paths from conscientiousness, openness to experience and self efficacy to 
learning goal orientation were all significant. In other words, the argument that conscientious 
individuals who are open to new experiences and believe in their capabilities are likely to be learning 
goal oriented is plausible and is supported by the data in this study. However, the link between this 
dispositional characteristic and intent to transfer is not supported. As it was suggested earlier, we may 
be missing another important construct that would connect the pieces of the puzzle. It is possible that 
learning goal orientation is important but does not predetermine the intent. Instead it may be an 
antecedent of a motivation variable like motivation to transfer or motivation to improve work through 
learning (MTIWL). The latter was successfully modeled by Naquin (2006).  
Additional hypotheses may be made for other facets of goal orientation like performance 
proving and performance avoidance goal orientation. A plausible hypothesis may be made about 
performance proving goal orientation for instance. Individuals who score high on performance prove 
goal orientation are driven by immediate short term performance goals; desire to look good to their 
peers and supervisors, and strive for positive feedback. Intention to engage in transfer behavior may 
therefore be formed by such short term goals as positive feedback instead of mastery. Ultimately, we 
are only looking at intent of behavior and not behavior itself. Such intent may be a very short lived 
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phenomenon and may disappear as soon as performance-proving oriented individuals face workplace 
obstacles.  
 Clearly the search for the proper dispositional variables in the transfer system is far from 
complete. It is possible that dispositions exert very little influence on transfer and intent. It is also 
possible that after careful examination of other constructs, be they other facets of goal orientation or 
motivational variables driven by dispositions, we will be able to understand the role of personality in 
transfer situations.   
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1a. 
 
I am planning to use in my work the new knowledge and skills I acquired in this training. 
  
Definitely Not 
1 
 
 
2 
 
 
3 
 
 
4 
 
 
5 
 
 
6 
 
Definitely Yes 
7 
 
1b. 
 
I anticipate making every effort in the coming weeks to put into practice what I learned in this training. 
  
Definitely Not 
1 
 
 
2 
 
 
3 
 
 
4 
 
 
5 
 
 
6 
 
Definitely Yes 
7 
 
1c. 
 
My objective is to apply at work as much of the learning from this training as I can. 
  
Definitely Not 
1 
 
 
2 
 
 
3 
 
 
4 
 
 
5 
 
 
6 
 
Definitely Yes 
7 
 
1d. 
 
As soon as it is feasible, I intend to use at work all that I learned in this training. 
  
Definitely Not 
1 
 
 
2 
 
 
3 
 
 
4 
 
 
5 
 
 
6 
 
Definitely Yes 
7 
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Learning Transfer System Inventory 
This survey was developed to learn more about your experiences and views of training in your 
organization.  Please read each of the following statements and mark your response.  Your first reaction 
to the items is usually the best.  The answers you provide will be very helpful in our efforts to improve 
training in this organization.  Completing the survey will take about 20 minutes of your time.   
 
Please respond to the following four items by circling the number (1 through 7) that most 
closely reflects any actions or intentions you may have with respect to  
THE TRAINING YOU HAVE JUST COMPLETED. 
 
1a. 
 
I am planning to use in my work the new knowledge and skills I acquired in this training. 
  
Definitely Not 
1 
 
 
2 
 
 
3 
 
 
4 
 
 
5 
 
 
6 
 
Definitely Yes 
7 
 
1b. 
 
I anticipate making every effort in the coming weeks to put into practice what I learned in this training. 
  
Definitely Not 
1 
 
 
2 
 
 
3 
 
 
4 
 
 
5 
 
 
6 
 
Definitely Yes 
7 
 
1c. 
 
My objective is to apply at work as much of the learning from this training as I can. 
  
Definitely Not 
1 
 
 
2 
 
 
3 
 
 
4 
 
 
5 
 
 
6 
 
Definitely Yes 
7 
 
1d. 
 
As soon as it is feasible, I intend to use at work all that I learned in this training. 
  
Definitely Not 
1 
 
 
2 
 
 
3 
 
 
4 
 
 
5 
 
 
6 
 
Definitely Yes 
7 
 
 
As you complete the following items, please  
THINK ABOUT THE TRAINING YOU HAVE JUST COMPLETED.   
Circle the number (1, 2, 3, 4 or 5) that most best reflects your opinion. 
 
   Strongly 
Disagree 
 
 
Disagree 
Neither 
Agree nor 
Disagree 
 
 
Agree 
 
Strongly 
Agree 
 
1. Prior to the training, I knew how the program was supposed 
to affect my performance. 
 
1 2 3 4 5 
2. Training will increase personal productivity. 
 
1 2 3 4 5 
3. When I leave training, I can’t wait to get back to work to try 
what I learned. 
 
1 2 3 4 5 
4. I believe the training will help me do my current job better. 
 
1 2 3 4 5 
5. I get excited when I think about trying to use my new learning 
on my job. 
 
1 2 3 4 5 
6. If I successfully use my training, I will receive a salary 
increase. 
 
1 2 3 4 5 
   
Strongly 
 
 
Neither 
Agree nor 
 
 
 
Strongly 
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Disagree Disagree Disagree Agree Agree 
 
7. If I use this training I am more likely to be rewarded. 
 
1 2 3 4 5 
8. I am likely to receive some ‘perks’ if I use my newly learned 
skills on the job. 
 
1 2 3 4 5 
9. Before the training, I had a good understanding of how it 
would fit my job-related development. 
 
1 2 3 4 5 
10. I knew what to expect from the training before it began. 
 
1 2 3 4 5 
11. I don’t have time to try to use this training. 
 
1 2 3 4 5 
12. Trying to use this training will take too much energy away 
from my other work. 
 
1 2 3 4 5 
13. The expected outcomes of this training were clear at the 
beginning of the training. 
 
1 2 3 4 5 
14. Employees in this organization are penalized for not using 
what they have learned in training. 
 
1 2 3 4 5 
15. If I use what I learn in training, it will help me get higher 
performance ratings. 
 
1 2 3 4 5 
16. Employees in this organization receive various ‘perks’ when 
they utilize newly learned skills on the job. 
 
1 2 3 4 5 
17. If I do not use my training I am unlikely to get a raise. 
 
1 2 3 4 5 
18. I am more likely to be recognized for my work if I use this 
training. 
 
1 2 3 4 5 
19. My workload allows me time to try the new things I have 
learned. 
 
1 2 3 4 5 
20. There is too much happening at work right now for me to try 
to use this training. 
 
1 2 3 4 5 
21. If I do not use new techniques taught in training I will be 
reprimanded. 
 
1 2 3 4 5 
22. Successfully using this training will help me get a salary 
increase. 
 
1 2 3 4 5 
23. If I do not utilize my training I will be cautioned about it. 
 
 
1 2 3 4 5 
24. When employees in this organization do not use their training 
it gets noticed. 
 
1 2 3 4 5 
25. I have time in my schedule to change the way I do things to fit 
my new learning. 
 
1 2 3 4 5 
   
Strongly 
 
 
Neither 
Agree nor 
 
 
 
Strongly 
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Disagree Disagree Disagree Agree Agree 
 
26. Someone will have to change my priorities before I will be 
able to apply my new learning. 
1 2 3 4 5 
27. I wish I had time to do things the way I know they should be 
done. 
 
1 2 3 4 5 
28. My colleagues appreciate my using new skills I have learned 
in training. 
 
1 2 3 4 5 
29. My colleagues encourage me to use the skills I have learned in 
training. 
 
1 2 3 4 5 
30. At work, my colleagues expect me to use what I learn in 
training. 
 
1 2 3 4 5 
31. My colleagues are patient with me when I try out new skills or 
techniques at work. 
 
1 2 3 4 5 
32. My supervisor meets with me regularly to work on problems I 
may be having in trying to use my training.  
 
1 2 3 4 5 
33. My supervisor meets with me to discuss ways to apply 
training on the job. 
 
1 2 3 4 5 
34. My supervisor will object if I try to use this training on the 
job. 
 
1 2 3 4 5 
35. My supervisor will oppose the use of techniques I learned in 
this training. 
 
1 2 3 4 5 
36. My supervisor thinks I am being less effective when I use the 
techniques taught in this training. 
 
1 2 3 4 5 
37. My supervisor shows interest in what I learn in training. 
 
1 2 3 4 5 
38. My supervisor opposes the use of the techniques I learned in 
training. 
 
1 2 3 4 5 
39. My supervisor sets goals for me that encourage me to apply 
my training on the job. 
 
1 2 3 4 5 
40. My supervisor lets me know I am doing a good job when I use 
my training. 
 
1 2 3 4 5 
41. My supervisor will not like it if I do things the way I learned 
in this training. 
 
1 2 3 4 5 
42. My supervisor doesn’t think this training will help my work. 
 
1 2 3 4 5 
43. My supervisor helps me set realistic goals for job performance 
based on my training. 
 
1 2 3 4 5 
44. My supervisor would use different techniques than those I 
would be using if I use my training. 
1 2 3 4 5 
   
Strongly 
 
 
Neither 
Agree nor 
 
 
 
Strongly 
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Disagree Disagree Disagree Agree Agree 
 
45. My supervisor thinks I am being ineffective when I use the 
techniques taught in training. 
 
1 2 3 4 5 
46. My supervisor will probably criticize this training when I get 
back to the job. 
 
1 2 3 4 5 
47. The instructional aids (equipment, illustrations, etc.) used in 
training are very similar to real things I use on the job. 
 
1 2 3 4 5 
48. The methods used in training are very similar to how we do it 
on the job. 
 
1 2 3 4 5 
49. I like the way training seems so much like my job. 
 
1 2 3 4 5 
50. I will have the things I need to be able to use this training. 
 
1 2 3 4 5 
51. I will be able to try out this training on my job. 
 
1 2 3 4 5 
52. The activities and exercises the trainers used helped me know 
how to apply my learning on the job. 
 
1 2 3 4 5 
53. It is clear to me that the people conducting the training 
understand how I will use what I learn. 
 
1 2 3 4 5 
54. The trainer(s) used lots of examples that showed me how I 
could use my learning on the job. 
 
1 2 3 4 5 
55. The way the trainer(s) taught the material made me feel more 
confident I could apply it. 
 
1 2 3 4 5 
56. The resources I need to use what I learned will be available to 
me after training. 
 
1 2 3 4 5 
57. I will get opportunities to use this training on my job. 
 
1 2 3 4 5 
58. What is taught in training closely matches my job 
requirements. 
 
1 2 3 4 5 
59. The situations used in training are very similar to those I 
encounter on my job. 
 
1 2 3 4 5 
60. There are enough human resources available to allow me to 
use skills acquired in training. 
 
1 2 3 4 5 
61. At work, budget limitations will prevent me from using skills 
acquired in training. 
 
1 2 3 4 5 
62. Our current staffing level is adequate for me to use this 
training. 
 
1 2 3 4 5 
63. It will be hard to get materials and supplies I need to use the 
skills and knowledge learned in training. 
1 2 3 4 5 
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 For the following items, please 
THINK ABOUT TRAINING IN GENERAL IN YOUR ORGANIZATION 
 
   
Strongly 
Disagree 
 
 
Disagree 
Neither 
Agree nor 
Disagree 
 
 
Agree 
 
Strongly 
Agree 
 
64. The organization does not really value my performance. 
 
1 2 3 4 5 
65. My job performance improves when I use new things that I 
have learned. 
 
1 2 3 4 5 
66. The harder I work at learning, the better I do my job. 
 
1 2 3 4 5 
67. For the most part, the people who get rewarded around here 
are the ones that do something to deserve it. 
 
1 2 3 4 5 
68. When I do things to improve my performance, good things 
happen to me. 
 
1 2 3 4 5 
69. Training usually helps me increase my productivity. 
 
1 2 3 4 5 
70. People around here notice when you do something well. 
 
1 2 3 4 5 
71. The more training I apply on my job, the better I do my job. 
 
1 2 3 4 5 
72. My job is ideal for someone who likes to get rewarded when 
they do something really good. 
 
1 2 3 4 5 
73. People in my group generally prefer to use existing methods, 
rather than try new methods learned in training. 
 
1 2 3 4 5 
74. Experienced employees in my group ridicule others when 
they use techniques they learn in training. 
 
1 2 3 4 5 
75. People in my group are open to changing the way they do 
things. 
 
1 2 3 4 5 
76. People in my group are not willing to put in the effort to 
change the way things are done. 
 
1 2 3 4 5 
77. My workgroup is reluctant to try new ways of doing things. 
 
1 2 3 4 5 
78. My workgroup is open to change if it will improve our job 
performance. 
 
1 2 3 4 5 
79. After training, I get feedback from people on how well I am 
applying what I learn. 
 
1 2 3 4 5 
80. People often make suggestions about how I can improve my 
job performance. 
 
1 2 3 4 5 
81. I get a lot of advice from others about how to do my job 
better. 
1 2 3 4 5 
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Strongly 
Disagree 
 
 
Disagree 
Neither 
Agree nor 
Disagree 
 
 
Agree 
 
Strongly 
Agree 
 
82. I am confident in my ability to use new skills at work. 
 
1 2 3 4 5 
83. I never doubt my ability to use newly learned skills on the 
job. 
 
1 2 3 4 5 
84. I am sure I can overcome obstacles on the job that hinder my 
use of new skills or knowledge. 
 
1 2 3 4 5 
85. At work, I feel very confident using what I learned in 
training even in the face of difficult or taxing situations. 
 
1 2 3 4 5 
86. People often tell me things to help me improve my job 
performance. 
 
1 2 3 4 5 
87. When I try new things I have learned, I know who will help 
me. 
 
1 2 3 4 5 
88. If my performance is not what it should be, people will help 
me improve. 
 
1 2 3 4 5 
89. I regularly have conversations with people about how to 
improve my performance. 
 
1 2 3 4 5 
 
Thank you very much for your time and cooperation. 
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APPENDIX C 
LEARNING GOAL ORIENTATION MEASURE  
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VandeWalle’s (1997) Learning Goal Orientation Scale  
1. I am willing to select a challenging work assignment that I can learn a lot from. 
2. I often look for opportunities to develop new skills and knowledge. 
3. I enjoy challenging and difficult tasks at work where I’ll learn new skills. 
4. For me, development of my work ability is important enough to take risks. 
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APPENDIX D 
GENERALIZED SELF EFFICACY MEASURE 
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Chen, Eden, and Gully (2001) Self-Efficacy Measure 
1. I will be able to achieve most of the goals that I have set for myself 
2. When facing difficult tasks, I am certain that I will accomplish them 
3. In general, I think I can obtain outcomes that are important to me. 
4. I believe I can succeed at most any endeavor to which I set my mind 
5. I will be able to successfully overcome many challenges 
6. I am confident that I can perform effectively in many different tasks 
7. Compared to other people, I can do most tasks very well 
8. Even when things are tough, I can perform quite well. 
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APPENDIX E 
CORRELATIONS OF THE CONSTRUCTS USED IN THE STUDY 
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